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KOHLUEMNUUA «MACTEPCKOWU 3HAHUW»

«OrpomMHoOe 1 BCe Bo3pacTtalulee 6oratcTtso 3HaHMK pa3bpocaHo
CerogHsl no BCeMy MUPY. DTUX 3HAHUWN, BEPOSATHO, 6b1/10 Obl
AOCTATOYHO A4 peweHnd BCcero rpoMagHoro KoanyectBsa
TPYAHOCTEN HAaWKUX AHEWN, HO OHM paccesiHbl N HEOPraHU30BaHbI.
HaM HeobxoanMa o4YnUCTKa MbIWWIEHNS B CBOeO6pa3HoOM
MacTepCKOM, rae MOXXHO NnoJsiyyatb, COPTUPOBaThb,
CyMmMunpoBaTb, yCBanBaTb, Pa3bACHATb U CPaBHUBATDb
3HaAHUA U naen.» — [epbept Yansic, 1940

(An immense and ever-increasing wealth of knowledge is scattered about the world
today; knowledge that would probably suffice to solve all the mighty difficulties of our
age, but it is dispersed and unorganized. We need a sort of mental clearing house

for the mind: a depot where knowledge and ideas are received, sorted,
summarized, digested, clarified and compared — Herbert Wells, 1940)

CerogHa TexHonornm IR-ML-NLP no3BondoT pewnTb 3Ty 3a4a4y.




NMOMHbIN LUNKN PABOTbI CO 3HAHUAMMW

O6bIYHbIN NOUCK: Google
«Haweén n 3abbin» Yandex paittzm

MacTepckass 3HaHUMN:

* MWy — 4ytobbl HAKaANIMBATb
 Hakannaueakr — 4yTob6bl aHASIN3NPOBATDL
* AHaANM3NPYIO — YTOObI MOHMMATb

* NOHWMMa — 4YTOobbI NepenaBaTb




KOHUENMUUA PASBEOOYHOI'O NMOUCKA

S ey,

-~ Exploratory Search ~«
s~ Y - o v
Lookup Investigate
| )7
h\_/\_/b/ur K_/\_ _{g/-\_f
Fact retrieval Knowledge acquisition Acc r‘et*ion
Known item search Comprehension/Interpretation Analys.ls .
Navigation Comparison EXC'USICrnf Negation
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Discovery

Question answering
Planning/Forecasting
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Gary Marchionini. Exploratory Search: from finding to understanding. 2006.
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An evolving search process
Several one-off pinpoint searches
An evolving information need
Multiple targets / goals of search
Multiple possible answers

Not an expected exact answer

A serendipitous attitude

An open-ended search activity

9. An anomalous state of knowledge
10. Multifaceted search

11. Uncertainty is fluctuating
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References
# Characteristics Definition (non exhaustive
lizt)
The user adopts an opperfunistic behavior, and will change or specify the objective or
An evolving search | 20als of search or even the strategies used to achieve them through mmlple quenes | [11. 13, 15, 22-
1 process reformulation or refirement. During the search, the user can accomplish forward or | 24]
‘backward steps.
Througheut the search session. the user can do several one-off pinpoint searches, e.g.
. Several one-off she’s looking for a specified information to better understand a result or the reason [10,22,23]
= pinpoint searches | why it was proposed. These pinpoint searches can be related to the exploratory search T
task or not. This 15 closely related to sensemaking activities.
Throughout the search session, the user has an evolving information need. The
An evolving elements or results discovered may change her information need and the way she first [11,22-24]
3 information need considered the framework of the search. This evolution of the information need may Eaaii
appear severzl times in one search session. It 15 closely related to characteristic n°1.
Multiple targats/ The user may not have one single precise goal, but rather one vague objective and [2,11,12,15,22,
4 - several smaller zoals which may change or evolve during the exploratory search fask | 5
goals of search - 23]
50 as to achieve it.
_ Multiple possible | As the wser has one vague objective and several smaller goals to achieve it (see
3 answers characteristic n°3.), the user might not have one precise answer but an aggregate of @ 1L 12, 20
— relevant information which will help her go further in her reflection and exploratory 1_3'] T
5 Not anexpected | joarch process. -
exact answer
It is the faculty to be swprised and to pay attention to it. The user carries out her search
A serendipitous by adopting a serendipitous attitude; with such open mmmdedness, she can allow herself [10,20,22]
7 attitude to be smpnsed by one unexpected element She then exploits this discovery by :
changing the search strategy or search goal/objective, ete.
An open ended The user might never end her exploratory search. She can stop it for nmltiple reasons
search activity (she considers she has enough mformation to perform another task for example; she | [10, 12, 15, 22—
8 which can oeeur doesn’t have time to camry on the search; efc ). and she will continue the search fow | 24]
over time hours/days/weeks/months vears later.
An Anomalous
State DfKn?wle_‘ige At the beginming, the nser has an ASEK and a general context of search: she knows the
(ASE) “;"" 15| motivation to start the search, but does not have a precise idea of what she is actually 1115 2204
9 | struetursd (vague. | 1oopine for (type of results, kind of information). She only has a lack of knowledge, a | (11> 13- 22-24]
general orunsie) | o ohiactive of search but no specific of definitive plan to attain it
context of search or
zoals
Dunng the exploratory search, the user selects one or mmltiple filters or facets, to
. lore the information space. She will try to find an appreach to her problem, che
N =P - £ 2 222
10 Multfzceted may find an angle of attack or a framework which may include these facets of the 211, 23-24]
explored subject.
The user starts the search with an intense feeling of uncertainty. The level of
Uncertainty is uncertainty is intrinsically linked to the specification of the problem. The further the
11 - user goes m her search tasks (she will specify her objective and maybe define an | [11,23,24]

fluctuating

approximate plan), the more she reduces her uncertainty. But 1f somewhere along the
way she changes her objectives, the uncertainty will tend to merease again.

E.Palagi et al. A Survey of Definitions and Models of Exploratory

Search. 2017.
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OCOBEHHOCTMW PA3BELOYHOIO MOUCKA: th 'L';tgg;gfm;
PA3BEOOYHbLIN MOUCK - 3TO NPOLECC

1. An evolving search process

- pasBefo4vHbI NOUCK — 3TO MHOroLlaroBbIv npouecc

- Kaxabln war — 3Tto nepedopmMynnpoBKa Unu AonosiHeHMe 3anpoca

9. An anomalous state of knowledge

- B Ha4darne noucka y nonb3oBaTens eCcTb /b MOTUBALNMN,

- HO HEeT 3HaHWI N HET onpeaesiEHHOro nyiaHa, Kak aTn 3HaHuUA nony4vaThb
4. Multiple targets / goals of search

- HEeT KOHKPETHOW, TOYHO onpeaerieHHoW Lenu nouncka

- eCTb Wb 0OLWMN MHTEPEC M IBONOLMOHUPYIOLLME noauenu

E.Palagi et al. A Survey of Definitions and Models of Exploratory Search. 2017.



OCOBEHHOCTU PA3SBEAOYHOI'O NOUCKA:
HEONPEOENEHHOCTb B NMPOLIECCE NMOUCKA

5. Multiple possible answers

- BO3MOXHbIX NPaBUSTbHbIX OTBETOB MOXET ObITb MHOIO

6. Not an expected exact answer

- He CYLLUEeCTBYET eQMHCTBEHHOIO OXXUaaemMoro npaBuibHOro oTBeTa
7. A serendipitous attitude

- nobowu Lwar nomcka MoXeT AaBaTb HEOXUAAaHHbIE HOBblE 3HAHUS
3. An evolving information need

- Ha nobowm Lware uenun n ctparernn nomcka MoryT M3MeHUTbLCS

11. Uncertainty is fluctuating

- B npouecce nomncka pacteT 3HaHne U yMeHbLUaeTCHa HeonpeaenéHHOCTb
- HO Ha noboM wWware n3MeHeHue Lenn MoXeT CHOBa e€ yBennynTb

E.Palagi et al. A Survey of Definitions and Models of Exploratory Search. 2017.
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OCOBEHHOCTU PASBEAOYHOI'O NOUCKA:
PASBETBNEHHOCTb MPOLIECCA NMOWUCKA

10. Multifaceted search

- B npouecce nomncka 1Ucrnosb3yrTcs pasfnnmyHble UnsTpbl (paceTol)

- NpuUMepBLI: MO aBTopaMm, Nno TeMaTuKe, Mo CBEXECTU, MO CIOXHOCTU

2. Several one-off pinpoint searches

- MHOroKpaTHble TO4YeYHble O4HOPa30Bble OTBETBIIEHNSA NOUCKA

- NpUMepbl: HAUTK onpeaerieHne NOHATUS, MOCMOTPETL MNEPBOUCTOYHUK

8. An open-ended search activity which can occur over time

- npoLecc noucka HMKorga Ha 3akaH4YMBaeTCs

- Nosib3oBaTesib MOXET BO30OHOBUTL MOUCK NOCre ANMTENbHOro nepepbisa

E.Palagi et al. A Survey of Definitions and Models of Exploratory Search. 2017.



KTO W YTO OENAET B MACTEPCKOWU 3HAHUI

[lpoeKkTHasi rpyrria — OCHOBHOM TUN noTpebuTtenen cepsuca.

Macrepckasi 3HaHW1 aBTOMAaTU3UPYET NPoLEeCcChbl HAaKoMNIeHud,
YCBOEHUS U cuctemMaTmnsaumm 3HaHUW B NPOEKTHOM rpynne.

lMonbopka AJOKYMEHTOB — OCHOBHOW MHCTPYMEHT MpeacTaBleHUs
[O/ITOCPOYHOI0 TEMATUUYECKOI0 MHTEpPEeca NPOEKTHOW rpynmnbl.

ABTOMaATU3UPYEMbIE MPOLECChHI:

 HaKoOrIJieHue Y MOHUTOPUHI 3HAaHNW NO TeMaTMkKe noadbopkm
pedepmpoBaHme, HanncaHme ob63opos no noadbopke
cucreMmatTmsaumsa 3HaHnM (NOHATUKN, CBA3en, TeM) B noabopke
nNOHMMaHMe 3HaHNW, peKoMeHaaunsa nopsaka YTeHus

nepepava 3HaHUN APYr1MM y4acTHMUKAM rpynnbl U BHE Fpynnbl




KAKUE NMPOLUECCbI ABTOMATU3UPYIOTCH
B MACTEPCKOU SHAHUM

1. HakonneHne 3HaHMM

* Mcnonb3yrTcAa TONIbKO HaAéXHble UCTOYHUKU MHpOopMaLnn

* BCé&, 4To HYXXHO MO Moen TeMe, HaxoamuTcs B Moen noabopke

2. MOHUTOPUHI 3HAHUN

« [Moabopka aABNAeTCA NOCTOSAHHO AEMNCTBYIOLWMM NMOUCKOBbLIM 3arnpoCcom
* Korp,a nosaBadeTCd HOBad peKoMeHaaunsd, CUCteMa MeHA YBEAOMNAET
3. O6MeH 3HaHnaAMH

« [MoabopKy BUAUT BCHA NMpOEKTHaa rpynna

* Mbl MOXeM 06aBNAaATb K cTaTsaM pedepaTbl, KOMMEHTapumn n Teru

« Mbl MOXeM 06aBNATb B N0oAOOPKY CBOU AOKYMEHTHI

4. CyMMapun3auunsa 3HaHUU

« PekomeHaauunm umTaT U CCbIJIOK NOMOratoT nNmcaTb 0630pbl No noabopke




KAKUE NMPOLUECCbI ABTOMATU3UPYIOTCH
B MACTEPCKOU SHAHUM

5. MOHMMaHMe 3HAaHUM

c 4 MOl'y O3HAKOMUTbCA C OCHOBHbIMWN TEMaAaMWU, NMOHATUAMU, NOEAMU B
n0.£|.6opKe, HE YUNTad AOKYMEHTbI LEJTUKOM.

« CucreMa noackasblBaeT MHe, YTO UMTaTb B NepBYIO o4vepenb.
6. CucremaTmsaumsa sHaHUMU

« CuncreMa noMoraeT MHe BblaensTb B NogbopKe CMbIC/IOBble KacTepsbl
("packnagbliBaTb Mo nosiodukam"), pasnensatb U 06veguHATb NoAOOPKU

« [oabopKy MOXHO paHXMUPOBaTb NO TEMATUKE, CBEXECTU, CNIOXHOCTMH,
0630pHOCTN, «XaNMOBOCTU», LMTUPYEMOCTM, aKTyasIbHOCTU, KAQ4YeCcTBY

7. Nepepavya 3HaAHUM
« [MoHsaB 4YTO-NMBO, 9 NOMOrat OCTaslbHbIM caenaTb 3TO bbiCTpee

e 5 MOry CTPOUTb MHTEPAKTUBHbIE «KapTbl 3HAHUN» N UNAKOCTPALUN
ONs 06bACHEHUS KTHOYEBBIX UAEN, COAEPXKALLUMXCSA B NoaOOpKE.
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Topic Modeling for Opinion Mining

PAPERS RECOMMENDED

Comparative Opinion Mining: A Review

Opinion mining refers to the use of natural language processing, text analysis and computational linguistics to identify and extract subjective information in textual
material. Opinion mining, also known as sentiment analysis, has received a lot of attention in recent times, as it provides a number of tools to analyse the public opinion

on a number of different topics. Comparative opinion mining is a subfield of opinion mining that deals with identifying and extracting information that is expressed in a

Citations: 6
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The survey of sentiment and opinion mining for behavior analysis of social media

Nowadays, internet has changed the world into a global village. Social Media has reduced the gaps among the individuals. Previously communication was a time
consuming and expensive task between the people. Social Media has earned fame because it is a cheaper and faster communication provider. Besides, social media has

allowed us to reduce the gaps of physical distance, it also generates and preserves huge amount of data. The data are very valuable and it presents association degree
Citations: 0
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