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×òî òàêîå ¾òåìàòè÷åñêîå ìîäåëèðîâàíèå¿ (Topi
 Modeling)

Îäíî èç íàïðàâëåíèé îáðàáîòêè åñòåñòâåííîãî ÿçûêà

�àçíîâèäíîñòü ñòàòèñòè÷åñêîãî àíàëèçà òåêñòîâ

Òåõíîëîãèÿ ïîèñêà èí�îðìàöèè íå ïî ñëîâàì, à ïî ñìûñëó

Âûÿâëåíèå ñêðûòûõ èíòåðåñîâ ïî íàáëþäàåìûì äàííûì

¾Ìÿãêàÿ êëàñòåðèçàöèÿ¿ òåêñòîâûõ äîêóìåíòîâ

Áè-êëàñòåðèçàöèÿ ñëîâ è äîêóìåíòîâ ïî êëàñòåðàì-òåìàì

Ìîäåëü ìàøèííîãî îáó÷åíèÿ áåç ó÷èòåëÿ
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Ïðèëîæåíèÿ òåìàòè÷åñêîãî ìîäåëèðîâàíèÿ

ðàçâåäî÷íûé ïîèñê â ïåðñîíàëèçèðîâàííûé ìóëüòèìîäàëüíûé ïîèñê

ýëåêòðîííûõ áèáëèîòåêàõ ïîèñê â ñîöñåòÿõ òåêñòîâ è èçîáðàæåíèé

äåòåêòèðîâàíèå è òðåêèíã íàâèãàöèÿ ïî áîëüøèì óïðàâëåíèåì äèàëîãîì â
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Òåìàòè÷åñêîå ìîäåëèðîâàíèå è ñìåæíûå îáëàñòè èññëåäîâàíèé

Äèíàìèêà öèòèðîâàíèÿ, ïî äàííûì Google S
holar:

Matrix Factorization NNMF, Nonnegative Matrix Factorization Topic Model

PLSA, Probabilistic Latent Semantic Analysis LDA, Latent Dirichlet Allocation Text Categorization

Text Classification Word Embedding word2vec LSTM, long short-term memory
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Ïóñòü

W � êîíå÷íîå ìíîæåñòâî ñëîâ (òåðìèíîâ, òîêåíîâ)

D � êîíå÷íîå ìíîæåñòâî òåêñòîâûõ äîêóìåíòîâ

T � êîíå÷íîå ìíîæåñòâî òåì

êàæäîå ñëîâî w â äîêóìåíòå d ñâÿçàíî ñ íåêîòîðîé òåìîé t

D ×W × T � äèñêðåòíîå âåðîÿòíîñòíîå ïðîñòðàíñòâî

ïîðÿäîê ñëîâ â äîêóìåíòå íå âàæåí (bag of words)

ïîðÿäîê äîêóìåíòîâ â êîëëåêöèè íå âàæåí

êîëëåêöèÿ � ýòî i.i.d. âûáîðêà (di ,wi , ti )
n
i=1 ∼ p(d ,w , t)

di ,wi � íàáëþäàåìûå, òåìû ti � ñêðûòûå

ãèïîòåçà óñëîâíîé íåçàâèñèìîñòè: p(w |d , t) = p(w |t)

Òåìàòè÷åñêàÿ ìîäåëü, ïî �îðìóëå ïîëíîé âåðîÿòíîñòè:

p(w |d) =
∑

t∈T

p(w |t) p(t|d)
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Ïîñòàíîâêà çàäà÷è òåìàòè÷åñêîãî ìîäåëèðîâàíèÿ

Äàíî: êîëëåêöèÿ òåêñòîâûõ äîêóìåíòîâ

ndw � ÷àñòîòû òåðìèíîâ â äîêóìåíòàõ, p̂(w |d) = ndw
nd

Íàéòè: ïàðàìåòðû òåìàòè÷åñêîé ìîäåëè p(w |d) =
∑

t∈T

φwtθtd

φwt=p(w |t) � âåðîÿòíîñòè òåðìèíîâ w â êàæäîé òåìå t

θtd =p(t|d) � âåðîÿòíîñòè òåì t â êàæäîì äîêóìåíòå d

Ýòî çàäà÷à ñòîõàñòè÷åñêîãî ìàòðè÷íîãî ðàçëîæåíèÿ:
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Ïðèíöèï ìàêñèìóìà ïðàâäîïîäîáèÿ

Ïðàâäîïîäîáèå � ïëîòíîñòü ðàñïðåäåëåíèÿ âûáîðêè (di ,wi )
n
i=1:

n∏

i=1

p(di ,wi ) =
∏

d∈D

∏

w∈d

p(d ,w)ndw

Ìàêñèìèçàöèÿ ëîãàðè�ìà ïðàâäîïîäîáèÿ

∑

d∈D

∑

w∈d

ndw ln p(w |d)p(d) → max
Φ,Θ

ýêâèâàëåíòíà ìàêñèìèçàöèè �óíêöèîíàëà

L (Φ,Θ) =
∑

d∈D

∑

w∈d

ndw ln
∑

t∈T

φwtθtd → max
Φ,Θ

ïðè îãðàíè÷åíèÿõ íåîòðèöàòåëüíîñòè è íîðìèðîâêè

φwt > 0;
∑

w∈W

φwt = 1; θtd > 0;
∑

t∈T

θtd = 1.
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Çàäà÷è, íåêîððåêòíî ïîñòàâëåííûå ïî Àäàìàðó

Çàäà÷à êîððåêòíî ïîñòàâëåíà,

åñëè å¼ ðåøåíèå

ñóùåñòâóåò,

åäèíñòâåííî,

óñòîé÷èâî.

Æàê Ñàëîìîí Àäàìàð

(1865�1963)

Íàøà çàäà÷à ìàòðè÷íîãî ðàçëîæåíèÿ íåêîððåêòíî ïîñòàâëåíà:

åñëè Φ,Θ � ðåøåíèå, òî ñòîõàñòè÷åñêèå Φ′,Θ′
� òîæå ðåøåíèÿ

Φ′Θ′ = (ΦS)(S−1Θ), rankS = |T |

L (Φ′,Θ′) = L (Φ,Θ)

L (Φ′,Θ′) 6 L (Φ,Θ) + ε � ïðèáëèæ¼ííûå ðåøåíèÿ

�åãóëÿðèçàöèÿ � ñòàíäàðòíûé ïðè¼ì äîîïðåäåëåíèÿ ðåøåíèÿ

ñ ïîìîùüþ äîïîëíèòåëüíûõ êðèòåðèåâ.
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ARTM: àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Ìàêñèìèçàöèÿ ëîãàðè�ìà ïðàâäîïîäîáèÿ ñ ðåãóëÿðèçàòîðîì:

∑

d,w

ndw ln
∑

t∈T

φwtθtd +R(Φ,Θ) → max
Φ,Θ

; R(Φ,Θ) =
∑

i

τiRi(Φ,Θ)

EM-àëãîðèòì: ìåòîä ïðîñòîé èòåðàöèè äëÿ ñèñòåìû óðàâíåíèé

E-øàã:

M-øàã:







ptdw ≡ p(t|d ,w) = norm
t∈T

(
φwtθtd

)

φwt = norm
w∈W

(

nwt + φwt
∂R
∂φwt

)

, nwt =
∑

d∈D

ndwptdw

θtd = norm
t∈T

(

ntd + θtd
∂R
∂θtd

)

, ntd =
∑

w∈d

ndwptdw

ãäå norm
t∈T

(xt) =
max{xt ,0}∑

s∈T

max{xs ,0}
� îïåðàöèÿ íîðìèðîâêè âåêòîðà.
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Ýëåìåíòàðíàÿ èíòåðïðåòàöèÿ ÅÌ-àëãîðèòìà

ÅÌ-àëãîðèòì � ýòî ÷åðåäîâàíèå Å è Ì øàãîâ äî ñõîäèìîñòè.

E-øàã: óñëîâíûå âåðîÿòíîñòè òåì p(t|d ,w) äëÿ âñåõ t, d ,w
âû÷èñëÿþòñÿ ÷åðåç φwt , θtd ïî �îðìóëå Áàéåñà:

p(t|d ,w) =
p(w , t|d)

p(w |d)
=

p(w |t)p(t|d)

p(w |d)
=

φwtθtd
∑

s φwsθsd
.

Ì-øàã: ïðè R = 0 ÷àñòîòíûå îöåíêè óñëîâíûõ âåðîÿòíîñòåé

âû÷èñëÿþòñÿ ñóììèðîâàíèåì ñ÷¼ò÷èêà ntdw = ndwp(t|d ,w):

φwt =
nwt

nt
, nwt =

∑

d∈D

ntdw , nt =
∑

w∈W

nwt ;

θtd =
ntd

nd
, ntd =

∑

w∈d

ntdw , nd =
∑

t∈T

ntd .
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Óñëîâèÿ âûðîæäåííîñòè ìîäåëè äëÿ òåì è äîêóìåíòîâ

�åøåíèå ìîæåò áûòü âûðîæäåííûì äëÿ íåêîòîðûõ òåì

(ñòîëáöîâ ìàòðèö Φ) è äîêóìåíòîâ (ñòîëáöîâ ìàòðèöû Θ).

Òåìà t âûðîæäåíà, åñëè äëÿ âñåõ òåðìèíîâ w ∈ W

nwt + φwt
∂R
∂φwt

6 0.

Åñëè òåìà t âûðîæäåíà, òî p(w |t) = φwt ≡ 0; ýòî îçíà÷àåò,
÷òî òåìà èñêëþ÷àåòñÿ èç ìîäåëè (ïðîèñõîäèò îòáîð òåì).

Äîêóìåíò d âûðîæäåí, åñëè äëÿ âñåõ òåì t ∈ T

ntd + θtd
∂R
∂θtd

6 0.

Åñëè äîêóìåíò d âûðîæäåí, òî p(t|d) = θtd ≡ 0; ýòî îçíà÷àåò,
÷òî ìîäåëü íå â ñîñòîÿíèè îïèñàòü äàííûé äîêóìåíò.
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Íàïîìèíàíèÿ. Óñëîâèÿ Êàðóøà�Êóíà�Òàêêåðà

Çàäà÷à ìàòåìàòè÷åñêîãî ïðîãðàììèðîâàíèÿ:







f (x) → min
x
;

gi (x) 6 0, i = 1, . . . ,m;

hj(x) = 0, j = 1, . . . , k .

Íåîáõîäèìûå óñëîâèÿ. Åñëè x � òî÷êà ëîêàëüíîãî ìèíèìóìà,

òî ñóùåñòâóþò ìíîæèòåëè µi , i = 1, . . . ,m, λj , j = 1, . . . , k :






∂L

∂x
= 0, L (x ;µ, λ) = f (x) +

m∑

i=1
µigi (x) +

k∑

j=1
λjhj(x);

gi (x) 6 0; hj(x) = 0; (èñõîäíûå îãðàíè÷åíèÿ)

µi > 0; (äâîéñòâåííûå îãðàíè÷åíèÿ)

µigi (x) = 0; (óñëîâèå äîïîëíÿþùåé íåæ¼ñòêîñòè)
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

Âûâîä ñèñòåìû óðàâíåíèé èç óñëîâèé Êàðóøà�Êóíà�Òàêêåðà

1. Óñëîâèÿ ÊÊÒ äëÿ φwt (äëÿ θtd âñ¼ àíàëîãè÷íî):

∑

d ndw
θtd

p(w |d) +
∂R
∂φwt

= λt − µwt ; µwt > 0; µwtφwt = 0.

2. Óìíîæèì îáå ÷àñòè ðàâåíñòâà íà φwt è âûäåëèì ptdw :

φwtλt =
∑

d ndw
φwtθtd
p(w |d) + φwt

∂R
∂φwt

= nwt + φwt
∂R
∂φwt

.

3. Åñëè λt 6 0, òî òåìà t âûðîæäåíà, φwt ≡ 0 äëÿ âñåõ w .

4. Åñëè λt > 0, òî ëèáî φwt = 0, ëèáî nwt + φwt
∂R
∂φwt

> 0:

φwtλt =
(

nwt + φwt
∂R
∂φwt

)

+
.

5. Ñóììèðóåì îáå ÷àñòè ðàâåíñòâà ïî w ∈ W :

λt =
∑

w∈W

(

nwt + φwt
∂R
∂φwt

)

+
.

6. Ïîäñòàâèì λt èç (5) â (4), ïîëó÷èì òðåáóåìîå. �
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

�àöèîíàëüíûé ÅÌ-àëãîðèòì

Èäåÿ: E-øàã âñòðàèâàåòñÿ âíóòðü Ì-øàãà,

÷òîáû íå õðàíèòü òð¼õìåðíûé ìàññèâ çíà÷åíèé ndwt .

Âõîä: êîëëåêöèÿ D, ÷èñëî òåì |T |, ÷èñëî èòåðàöèé imax;

Âûõîä: ìàòðèöû òåðìèíîâ òåì Θ è òåì äîêóìåíòîâ Φ;

èíèöèàëèçàöèÿ φwt , θtd äëÿ âñåõ d ∈ D, w ∈ W , t ∈ T ;

äëÿ âñåõ èòåðàöèé i = 1, . . . , imax

nwt , ntd := 0 äëÿ âñåõ d ∈ D, w ∈ W , t ∈ T ;

äëÿ âñåõ äîêóìåíòîâ d ∈ D è âñåõ ñëîâ w ∈ d

ntdw := ndw norm
t∈T

(
φwtθtd

)
äëÿ âñåõ t ∈ T ;

nwt += ntdw ; ntd += ntdw äëÿ âñåõ t ∈ T ;

φwt := norm
w∈W

(

nwt + φwt
∂R
∂φwt

)

äëÿ âñåõ w ∈ W , t ∈ T ;

θtd := norm
t∈T

(

ntd + θtd
∂R
∂θtd

)

äëÿ âñåõ d ∈ D, t ∈ T ;
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

Îíëàéíîâûé EM-àëãîðèòì (ðåàëèçîâàí â BigARTM)

Âõîä: êîëëåêöèÿ D, ÷èñëî òåì |T |, ïàðàìåòðû imax, jmax, γ;
Âûõîä: ìàòðèöû òåðìèíîâ òåì Θ è òåì äîêóìåíòîâ Φ;

èíèöèàëèçèðîâàòü nwt := 0 è φwt ;
äëÿ âñåõ i = 1, . . . , imax (äëÿ áîëüøèõ êîëëåêöèé imax = 1)

äëÿ âñåõ äîêóìåíòîâ d ∈ D

èíèöèàëèçèðîâàòü θtd := 1
|T | ;

äëÿ âñåõ j = 1, . . . , jmax (èòåðàöèè ïî äîêóìåíòó)

ntdw := ndw norm
t∈T

(
φwtθtd

)
äëÿ âñåõ w ∈ d ;

θtd := norm
t∈T

(
∑

w ntdw + θtd
∂R
∂θtd

)

;

nwt := γnwt + ntdw ;

åñëè ïîðà îáíîâèòü ìàòðèöó Φ òî

φwt := norm
w∈W

(

nwt + φwt
∂R
∂φwt

)

;
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

Çàäà÷è ìóëüòèìîäàëüíîãî òåìàòè÷åñêîãî ìîäåëèðîâàíèÿ

Òåìû îïðåäåëÿþò ðàñïðåäåëåíèÿ íå òîëüêî òåðìèíîâ p(w |t),
íî è äðóãèõ ìîäàëüíîñòåé: p(àâòîð|t), p(âðåìÿ|t), p(ññûëêà|t),
p(áàííåð|t), p(ýëåìåíò_èçîáðàæåíèÿ|t), p(ïîëüçîâàòåëü|t), . . .

Topics of documents

Words and keyphrases of topics

doc1:

doc2:

doc3:

doc4:

...

Text documents

Topic
Modeling

D
o
c
u
m
e
n
t
s

T
o
p
i
c
s

Metadata:

Authors
Data Time
Conference
Organization
URL
etc.

Ads Images Links

Users
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

Ìóëüòèìîäàëüíàÿ ARTM

Wm
� ñëîâàðü òîêåíîâ m-é ìîäàëüíîñòè, m ∈ M

Ìàêñèìèçàöèÿ ñóììû log ïðàâäîïîäîáèé ñ ðåãóëÿðèçàöèåé:

∑

m∈M

τm
∑

d∈D

∑

w∈Wm

ndw ln
∑

t∈T

φwtθtd + R(Φ,Θ) → max
Φ,Θ

EM-àëãîðèòì: ìåòîä ïðîñòîé èòåðàöèè äëÿ ñèñòåìû óðàâíåíèé

E-øàã:

M-øàã:







ptdw = norm
t∈T

(
φwtθtd

)

φwt = norm
w∈Wm

(

nwt + φwt
∂R
∂φwt

)

, nwt =
∑

d∈D

τm(w)ndwptdw

θtd = norm
t∈T

(

ntd + θtd
∂R
∂θtd

)

, ntd =
∑

w∈d

τm(w)ndwptdw
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

BigARTM: áèáëèîòåêà òåìàòè÷åñêîãî ìîäåëèðîâàíèÿ

Êëþ÷åâûå âîçìîæíîñòè:

Îíëàéíîâûé ïàðàëëåëüíûé ìóëüòèìîäàëüíûé ARTM

Áîëüøèå äàííûå: êîëëåêöèÿ íå õðàíèòñÿ â ïàìÿòè

Âñòðîåííàÿ áèáëèîòåêà ðåãóëÿðèçàòîðîâ è ìåð êà÷åñòâà

Ñîîáùåñòâî:

Îòêðûòûé êîä https://github.
om/bigartm

(dis
ussion group, issue tra
ker, pull requests)

Äîêóìåíòàöèÿ http://bigartm.org

Ëèöåíçèÿ è ñðåäà ðàçðàáîòêè:

Freely available for 
ommer
ial usage (BSD 3-Clause li
ense)

Cross-platform � Windows, Linux, Ma
 OS X (32 bit, 64 bit)

Programming APIs: 
ommand-line, C++, and Python
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

BigARTM óïðîùàåò ðàçðàáîòêó òåìàòè÷åñêèõ ìîäåëåé

Äëÿ ïîñòðîåíèÿ ñëîæíûõ ìîäåëåé â BigARTM íå íóæíû

íè ìàòåìàòè÷åñêèå âûêëàäêè, íè ïðîãðàììèðîâàíèå ¾ñ íóëÿ¿.
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

Êëàññè÷åñêèå ìîäåëè PLSA è LDA

PLSA: probabilisti
 latent semanti
 analysis [Hofmann, 1999℄

(âåðîÿòíîñòíûé ëàòåíòíûé ñåìàíòè÷åñêèé àíàëèç):

R(Φ,Θ) = 0.

Ì-øàã � ÷àñòîòíûå îöåíêè óñëîâíûõ âåðîÿòíîñòåé:

φwt = norm
w

(
nwt

)
, θtd = norm

t

(
ntd

)
.

LDA: latent Diri
hlet allo
ation (ëàòåíòíîå ðàçìåùåíèå Äèðèõëå):

R(Φ,Θ) =
∑

t,w
(βw − 1) lnφwt +

∑

d,t

(αt − 1) ln θtd .

Ì-øàã � ñãëàæåííûå ÷àñòîòíûå îöåíêè ñ ïàðàìåòðàìè βw , αt :

φwt = norm
w

(
nwt + βw − 1

)
, θtd = norm

t

(
ntd + αt − 1

)
.

Hofmann T. Probabilisti
 latent semanti
 indexing. SIGIR 1999.

Blei D., Ng A., Jordan M. Latent Diri
hlet allo
ation. 2003.
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�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

Âåðîÿòíîñòíàÿ áàéåñîâñêàÿ èíòåðïðåòàöèÿ LDA [Blei, 2003℄

�èïîòåçà. Âåêòîð-ñòîëáöû φt = (φwt)w∈W è θd = (θtd )t∈T
ïîðîæäàþòñÿ ðàñïðåäåëåíèÿìè Äèðèõëå, α ∈ R

|T |
, β ∈ R

|W |
:

Dir(φt |β) =
Γ(β0)

∏

w

Γ(βw )

∏

w

φβw−1
wt , φwt > 0; β0 =

∑

w

βw , βt > 0;

Dir(θd |α) =
Γ(α0)

∏

t

Γ(αt)

∏

t

θαt−1
td , θtd > 0; α0 =

∑

t

αt , αt > 0;

Ïðèìåð. �àñïðåäåëåíèå φ ∼ Dir(β) ïðè |W | = 10, φ, β ∈ R
10
:

βw = 0.1 βw = 1

(ðàâíîìåðíîå)

βw = 100
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�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

Ìàêñèìèçàöèÿ àïîñòåðèîðíîé âåðîÿòíîñòè äëÿ ìîäåëè LDA

Ñîâìåñòíîå ïðàâäîïîäîáèå äàííûõ è ìîäåëè:

ln
∏

d∈D

∏

w∈d

p(d ,w |Φ,Θ)ndw
∏

t∈T

Dir(φt |β)
∏

d∈D

Dir(θd |α) → max
Φ,Θ

�åãóëÿðèçàòîð � ëîãàðè�ì àïðèîðíîãî ðàñïðåäåëåíèÿ:

R(Φ,Θ) =
∑

t,w

(βw − 1) lnφwt +
∑

d,t

(αt − 1) ln θtd

Ì-øàã � ñãëàæåííûå èëè ñëàáî ðàçðåæåííûå îöåíêè:

φwt = norm
w

(
nwt + βw − 1

)
, θtd = norm

t

(
ntd + αt − 1

)
.

ïðè βw > 1, αt > 1 � ñãëàæèâàíèå,

ïðè 0 < βw < 1, 0 < αt < 0 � ñëàáîå ðàçðåæèâàíèå,

ïðè βw =1, αt=1 àïðèîðíîå ðàñïðåäåëåíèå ðàâíîìåðíî, PLSA.
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�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Öåëè, ïðèëîæåíèÿ, ïîñòàíîâêà çàäà÷è

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ òåìàòè÷åñêèõ ìîäåëåé

Êëàññè÷åñêèå ìîäåëè: PLSA è LDA

Ïî÷åìó èìåííî ðàñïðåäåëåíèå Äèðèõëå?

Ïëþñû:

óäîáíî äëÿ áàéåñîâñêîãî âûâîäà, ò. ê. ÿâëÿåòñÿ

ñîïðÿæ¼ííûì ê ìóëüòèíîìèàëüíîìó ðàñïðåäåëåíèþ

îïèñûâàåò øèðîêèé êëàññ ðàñïðåäåëåíèé íà ñèìïëåêñå

ïîçâîëÿåò óïðàâëÿòü ðàçðåæåííîñòüþ φwt è θtd

ïðè ìàëûõ nwt , ntd óìåíüøàåò ïåðåîáó÷åíèå

Ìèíóñû:

íå èìååò ëèíãâèñòè÷åñêèõ îáîñíîâàíèé

íå äà¼ò âûèãðûøà ïðîòèâ PLSA íà áîëüøèõ êîëëåêöèÿõ

ñëàáûé ðàçðåæèâàòåëü: çàïðåùåíû βw 6 0, αt 6 0

ñëàáûé ðåãóëÿðèçàòîð: ïðîáëåìà íååäèíñòâåííîñòè îñòà¼òñÿ
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�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

Íàïîìèíàíèå. Äèâåðãåíöèÿ Êóëüáàêà�Ëåéáëåðà

1. KL(P‖Q) > 0; KL(P‖Q) = 0 ⇔ P = Q;

2. Ìèíèìèçàöèÿ KL ýêâèâàëåíòíà ìàêñèìèçàöèè ïðàâäîïîäîáèÿ:

KL(P‖Q(α)) =

n∑

i=1

pi ln
pi

qi (α)
→ min

α
⇔

n∑

i=1

pi ln qi(α) → max
α

3. Åñëè KL(P‖Q) < KL(Q‖P), òî P âëîæåíî â Q:

0 50 100 150 200

0

0.01

0.02

0.03

0.04

0 50 100 150 200

0

0.005

0.010

0.015

0.020

0 50 100 150 200

0

0.005

0.010

0.015

0.020

P PP

Q

Q Q

KL(P‖Q) = 0.44
KL(Q‖P) = 2.97

KL(P‖Q) = 0.44
KL(Q‖P) = 0.44

KL(P‖Q) = 2.97
KL(Q‖P) = 2.97
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Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

Îáîáù¼ííàÿ íå-áàéåñîâñêàÿ èíòåðïðåòàöèÿ LDA

Ñãëàæèâàíèå ðàñïðåäåëåíèé ïî KL-äèâåðãåíöèè:

ïðèáëèçèòü φwt ≡ p(w |t) ê çàäàííûì ðàñïðåäåëåíèÿì βt(w),
ïðèáëèçèòü θtd ≡ p(t|d) ê çàäàííûì ðàñïðåäåëåíèÿì αd (t):

∑

t∈T

τtKL
(
βt(w)‖φwt

)
→ min

Φ
;

∑

d∈D

τdKL
(
αd (t)‖θtd

)
→ min

Θ
.

Âçâåøåííàÿ ñóììà ðåãóëÿðèçàòîðîâ:

R(Φ,Θ) =
∑

t∈T

τt
∑

w∈W

βt(w) lnφwt +
∑

d∈D

τd
∑

t∈T

αd (t) ln θtd .

Ôîðìóëû Ì-øàãà:

φwt = norm
w

(
nwt + τtβt(w)

︸ ︷︷ ︸

βwt

)
, θtd = norm

t

(
ntd + τdαd (t)

︸ ︷︷ ︸

αtd

)
.
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�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

Ñãëàæèâàíèå, ðàçðåæèâàíèå è ÷àñòè÷íîå îáó÷åíèå òåì

Ôîðìóëû Ì-øàãà:

φwt = norm
w

(
nwt + βwt

)
, θtd = norm

t

(
ntd + αtd

)
.

�àçðåæèâàíèå è ñãëàæèâàíèå îïèñûâàåòñÿ îáùåé �îðìóëîé:

ðàçðåæèâàíèå � ìàêñèìèçàöèÿ KL, βwt < 0, αtd < 0

ñãëàæèâàíèå � ìèíèìèçàöèÿ KL, βwt > 0, αtd > 0

×àñòè÷íîå îáó÷åíèå òåìû t:

βwt = +τ
áò

[w ∈Wt ] � ¾áåëûé ñïèñîê¿ òåðìèíîâ

βwt = −τ
÷ò

[w ∈Wt ] � ¾÷¼ðíûé ñïèñîê¿ òåðìèíîâ

αtd = +τ
áä

[d ∈Dt ] � ¾áåëûé ñïèñîê¿ äîêóìåíòîâ

αtd = −τ
÷ä

[d ∈Dt ] � ¾÷¼ðíûé ñïèñîê¿ äîêóìåíòîâ
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�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

�àçäåëåíèå òåì íà ïðåäìåòíûå è �îíîâûå

T = S ⊔ B � ìíîæåñòâî âñåõ òåì

S � ðàçðåæåííûå ïðåäìåòíûå òåìû, ñïåöèàëüíàÿ ëåêñèêà

B � ñãëàæåííûå �îíîâûå òåìû, îáùàÿ ëåêñèêà ÿçûêà

ΦW×T ΘT×D
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Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

�åãóëÿðèçàòîðû äëÿ óëó÷øåíèÿ èíòåðïðåòèðóåìîñòè òåì

background
Ñãëàæèâàíèå �îíîâûõ òåì B ⊂ T :

R(Φ,Θ) = β0
∑

t∈B

∑

w

βw lnφwt + α0

∑

d

∑

t∈B

αt ln θtd

sparse
�àçðåæèâàíèå ïðåäìåòíûõ òåì S = T \ B :

R(Φ,Θ) = −β0
∑

t∈S

∑

w

βw lnφwt − α0

∑

d

∑

t∈S

αt ln θtd

decorrelated
Äåêîððåëèðîâàíèå äëÿ ïîâûøåíèÿ ðàçëè÷íîñòè òåì:

R(Φ) = −
τ

2

∑

t,s

∑

w

φwtφws

interpretable

Ñãëàæèâàíèå + ðàçðåæèâàíèå + äåêîððåëèðîâàíèå

äëÿ óëó÷øåíèÿ èíòåðïðåòèðóåìîñòè òåì
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�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

Èåðàðõè÷åñêèå, òåìïîðàëüíûå, ðåãðåññèîííûå ìîäåëè

hierarchy
Ñâÿçü ðîäèòåëüñêèõ òåì t ñ äî÷åðíèìè ïîäòåìàìè s:

R(Φ,Ψ) = τ
∑

t∈T

∑

w∈W

nwt ln
∑

s∈S

φwsψst .

temporal
Òåìïîðàëüíûå ìîäåëè ñ ìîäàëüíîñòüþ âðåìåíè i :

R(Φ) = −τ
∑

i∈I

∑

t∈T

∣
∣φit − φi−1,t

∣
∣.

regression Ëèíåéíàÿ ìîäåëü ðåãðåññèè ŷd = 〈v , θd〉 äîêóìåíòîâ:

R(Θ, v) = −τ
∑

d∈D

(

yd −
∑

t∈T

vtθtd

)2
.

n of topics
�àçðåæèâàíèå p(t) äëÿ îòáîðà òåì:

R(Θ) = −τ
∑

t∈T

1

|T |
ln p(t), p(t) =

∑

d∈D

p(d)θtd .
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�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

Ñïåöèàëüíûå ñëó÷àè ìóëüòèìîäàëüíûõ òåìàòè÷åñêèõ ìîäåëåé

supervised

Ìîäàëüíîñòè ìåòîê êëàññîâ èëè êàòåãîðèé äëÿ çàäà÷

êëàññè�èêàöèè è êàòåãîðèçàöèè òåêñòîâ.

multilanguage Ìîäàëüíîñòü ÿçûêîâ è ðåãóëÿðèçàöèÿ ñî ñëîâàð¼ì

πuwt = p(u|w , t) ïåðåâîäîâ ñ ÿçûêà k íà ℓ:

R(Φ,Π) = τ
∑

u∈W k

∑

t∈T

nut ln
∑

w∈W ℓ

πuwtφwt

graph
Ìîäàëüíîñòü âåðøèí ãðà�à v , ñîäåðæàùèõ Dv :

R(Φ) = −
τ

2

∑

(u,v)∈E

Suv
∑

t∈T

n2t

( φvt
|Dv |

−
φut
|Du|

)2
.

geospatial
Ìîäàëüíîñòü ãåîëîêàöèé g ñ áëèçîñòüþ Sgg ′

:

R(Φ) = −
τ

2

∑

g ,g ′∈G

Sgg ′

∑

t∈T

n2t

(φgt
ng

−
φg ′t

ng ′

)2
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�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

Â îáõîä ãèïîòåçû ¾ìåøêà ñëîâ¿ (beyond bag-of-words)

n-gram

Ìîäàëüíîñòè n-ãðàìì, êîëëîêàöèé,

èìåíîâàííûõ ñóùíîñòåé

syntax

Ìîäàëüíîñòü n-ãðàìì ïîñëå ïðèìåíåíèÿ SyntaxNet

coherence
Ñîâñòðå÷àåìîñòü ñëîâ nuv â áèòåðìàõ (u, v):

R(Φ) = τ
∑

u,v

nuv ln
∑

t

ntφutφvt

segmentation

�åãóëÿðèçàöèÿ E-øàãà, ïîñòîáðàáîòêà ðàñïðåäåëåíèé

p(t|d ,w) äëÿ òåìàòè÷åñêîé ñåãìåíòàöèè
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�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

�åãóëÿðèçàöèÿ E-øàãà

Ìàêñèìèçàöèÿ log-ïðàâäîïîäîáèÿ ñ ðåãóëÿðèçàòîðàìè R è R̃ :
∑

d∈D

∑

w∈d

ndw ln
∑

t∈T

φwtθtd + R(Π(Φ,Θ)) + R̃(Φ,Θ) → max
Φ,Θ

,

ãäå Π =
(
ptdw

)

T×D×W
� ìàòðèöà ðàñïðåäåëåíèé ptdw = p(t|d ,w).

EM-àëãîðèòì: ìåòîä ïðîñòîé èòåðàöèè äëÿ ñèñòåìû óðàâíåíèé

E-øàã:

M-øàã:







ptdw = norm
t∈T

(
φwtθtd

)

p̃tdw = ptdw

(

1 + 1
ndw

(
∂R(Π)
∂ptdw

−
∑

z∈T

pzdw
∂R(Π)
∂pzdw

))

φwt = norm
w∈W

(
∑

d∈D

ndw p̃tdw + φwt
∂R̃
∂φwt

)

θtd = norm
t∈T

(
∑

w∈d

ndw p̃tdw + θtd
∂R̃
∂θtd

)
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�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

Äîêàçàòåëüñòâî

Ëåììà 1. Äëÿ �óíêöèè ptdw (Φ,Θ) = φwtθtd∑
z φwzθzd

è ëþáîãî z ∈ T

φwt
∂pzdw
∂φwt

= θtd
∂pzdw
∂θtd

= ptdw
(
[z= t]− pzdw

)
.

Ââåä¼ì �óíêöèþ îò âñïîìîãàòåëüíûõ ïåðåìåííûõ Π:

Qtdw (Π) =
∂R(Π)
∂ptdw

−
∑

z∈T

pzdw
∂R(Π)
∂pzdw

.

Ëåììà 2. Åñëè R(Π) íå çàâèñèò îò ptdw ïðè w /∈ d , òî

φwt
∂R(Π)
∂φwt

=
∑

d∈D

ptdwQtdw (Π); θtd
∂R(Π)
∂θtd

=
∑

w∈d

ptdwQtdw (Π).

Ëåììà 3. Ôîðìóëû Ì-øàãà:

φwt = norm
w∈W

(
∑

d∈D

ndwptdw +
∑

d∈D

Qtdwptdw + φwt
∂R̃
∂φwt

)

;

θtd = norm
t∈T

(
∑

w∈d

ndwptdw +
∑

w∈d

Qtdwptdw + θtd
∂R̃
∂θtd

)

.
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�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

Ïîèñê è êëàññè�èêàöèÿ ýòíè÷íîãî äèñêóðñà â ñîöñåòÿõ

Çàäà÷à: íàéòè âñå ýòíî-ðåëåâàíòíûå òåìû äëÿ ìîíèòîðèíãà

ìåæíàöèîíàëüíûõ îòíîøåíèé.

Èñïîëüçóåì ñëîâàðü èç 300 ýòíîíèìîâ äëÿ îáó÷åíèÿ òåì.

Ìåøîê ðåãóëÿðèçàòîðîâ:

L

(
PLSA

)

+ R

(
interpretable

)

+ R

(
multimodal

)

+ R

(
temporal

)

+ R

(
geospatial

)

+ R

(
sentiment

)

→ max

�åçóëüòàòû: ÷èñëî ðåëåâàíòíûõ òåì âûðîñëî

ñ 45 äëÿ LDA äî 83 äëÿ ARTM.

M.Apishev, S.Kolt
ov, O.Koltsova, S.Nikolenko, K.Vorontsov. Additive

regularization for topi
 modeling in so
iologi
al studies of user-generated text


ontent. MICAI, 2016.
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�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

�àçâåäî÷íûé ïîèñê â êîëëåêòèâíûõ áëîãàõ

Çàäà÷à: ïîèñê äîêóìåíòîâ ïî äëèííîìó çàïðîñó.

Ìåøîê ðåãóëÿðèçàòîðîâ:

L

(
PLSA

)

+ R

(
interpretable

)

+ R

(
multimodal

)

+ R

(
n-gram

)

→ max

�åçóëüòàòû:

Òî÷íîñòü è ïîëíîòà óâåëè÷èëèñü

ñ (65%, 73%) äëÿ LDA äî (85%, 92%) äëÿ ARTM

íà äàííûõ Habrahabr.ru è Te
hCrun
h.
om.

Òî÷íîñòü è ïîëíîòà ñðàâíèìû ñ ðåçóëüòàòàìè àñåññîðîâ.

Òåìàòè÷åñêèé ïîèñê äà¼ò ðåçóëüòàò ìãíîâåííî,

àñåññîðû òðàòÿò íà ýòó æå ðàáîòó â ñðåäíåì 30 ìèíóò.

A.Ianina, K.Vorontsov. Multi-obje
tive topi
 modeling for exploratory sear
h in

te
h news. AINL, 2017.
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

Èåðàðõè÷åñêàÿ òåìïîðàëüíàÿ ìîäåëü íîâîñòíîãî ïîòîêà

Çàäà÷è:

íàðàùèâàòü 3õ-óðîâíåâóþ èåðàðõèþ äèíàìè÷åñêè

îáåñïå÷èòü èíòåðïðåòèðóåìîñòü è èìåíîâàíèå âñåõ òåì

óïðàâëÿòü ìåäèàêîìïàíèÿìè è òâîð÷åñêèìè çàäàíèÿìè

Ìåøîê ðåãóëÿðèçàòîðîâ:

L

(
PLSA

)

+ R

(
interpretable

)

+ R

(
hierarchy

)

+ R

(
temporal

)

+R

(
multimodal

)

+R

(
n-gram

)

+ R

(
multilanguage

)

+R

(
sentiment

)

→ max

�åçóëüòàò: ... (èññëåäîâàíèå ïðîäîëæàåòñÿ)
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Îáîáùåíèÿ LDA

Ìåøîê ðåãóëÿðèçàòîðîâ

Ïðèìåðû ïðèëîæåíèé

Ñöåíàðíûé àíàëèç çàïèñåé ðàçãîâîðîâ êîíòàêò-öåíòðà

Çàäà÷è:

âûäåëèòü ñöåíàðèè äèàëîãîâ îïåðàòîð�êëèåíò

àâòîìàòèçèðîâàòü îöåíèâàíèå êà÷åñòâà ðàáîòû îïåðàòîðîâ

âûðàáîòàòü îíëàéíîâûå ïîäñêàçêè äëÿ îïåðàòîðà

Ìåøîê ðåãóëÿðèçàòîðîâ:

L

(
PLSA

)

+ R

(
interpretable

)

+ R

(
segmentation

)

+ R

(
n-gram

)

+ R

(
syntax

)

+ R

(
sentence

)

+ R

(
dialog

)

→ max

�åçóëüòàò: êà÷åñòâî ñåãìåíòàöèè âûðîñëî

ñ 40% ó áàçîâîãî ðåøåíèÿ äî 75% ó ARTM
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà (exploratory sear
h)

ïîëüçîâàòåëü ìîæåò íå çíàòü êëþ÷åâûõ òåðìèíîâ,

çàïðîñîì ìîæåò áûòü òåêñò ïðîèçâîëüíîé äëèíû,

èí�îðìàöèîííîé ïîòðåáíîñòüþ � ñèñòåìàòèçàöèÿ çíàíèé

íàâèãàöèÿ â ñåòè,

ïîèñê �àêòîâ,

óïîìèíàíèé,

êîíêðåòíûõ îòâåòîâ

ñàìîîáðàçîâàíèå,

òåìàòè÷åñêèé ïîèñê

ñèñòåìàòèçàöèÿ

çíàíèé

èññëåäîâàíèå,

ýêñïåðòèçà,

ðå�åðèðîâàíèå,

ìîíèòîðèíã òåì

Gary Mar
hionini. Exploratory Sear
h: from �nding to understanding. 2006.
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

�àçâåäî÷íûé òåìàòè÷åñêèé ïîèñê

q = (w1, . . . ,wnq ) � òåêñò çàïðîñà ïðîèçâîëüíîé äëèíû nq

θtq = p(t|q) � òåìàòè÷åñêèé ïðî�èëü çàïðîñà q

θtd = p(t|d) � òåìàòè÷åñêèå ïðî�èëè äîêóìåíòîâ d ∈ D

Êîñèíóñíàÿ ìåðà áëèçîñòè äîêóìåíòà d è çàïðîñà q:

sim(q, d) =

∑

t θtqθtd
(∑

t θ
2
tq

)1/2(∑

t θ
2
td

)1/2
.

�àíæèðóåì äîêóìåíòû êîëëåêöèè d ∈ D ïî óáûâàíèþ sim(q, d)

Âûäà÷à òåìàòè÷åñêîãî ïîèñêà � k ïåðâûõ äîêóìåíòîâ.

�åàëèçàöèÿ: èíâåðòèðîâàííûé èíäåêñ äëÿ áûñòðîãî ïîèñêà

äîêóìåíòîâ d ïî êàæäîé èç òåì t çàïðîñà
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Äâå êîëëåêöèè íîâîñòåé ïðî òåõíîëîãèè

Habrahabr.ru

175 143 ñòàòåé íà ðóññêîì

10 552 ñëîâ (óíèãðàìì)

742 000 áèãðàìì

524 àâòîðîâ ñòàòåé

10 000 àâòîðîâ êîììåíòàðèåâ

2546 òåãîâ

123 õàáà (êàòåãîðèè)

Te
hCrun
h.
om

759 324 ñòàòåé íà àíãëèéñêîì

11 523 ñëîâ (óíèãðàìì)

1.2 ìëí. áèãðàìì

605 àâòîðîâ

184 êàòåãîðèé

Ïðåäîáðàáîòêà òåêñòîâ

îòáðîøåíû 5% íàèáîëåå ÷àñòîòíûõ ñëîâ (îáùàÿ ëåêñèêà)

óäàëåíèå ïóíêòóàöèè

íèæíèé ðåãèñòð, ¼→å

ëåììàòèçàöèÿ pymorphy2
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Ìåòîäèêà îöåíèâàíèÿ êà÷åñòâà ðàçâåäî÷íîãî ïîèñêà

Ïîèñêîâûé çàïðîñ

íàáîð êëþ÷åâûõ ñëîâ èëè �ðàãìåíòîâ

òåêñòà, îêîëî îäíîé ñòðàíèöû À4

Ïîèñêîâàÿ âûäà÷à

äîêóìåíòû d ñ ðàñïðåäåëåíèåì p(t|d),
áëèçêèì ê ðàñïðåäåëåíèþ p(t|q) çàïðîñà

Äâà çàäàíèÿ àñåññîðàì

1

íàéòè êàê ìîæíî áîëüøå ñòàòåé,

ïîëüçóÿñü ëþáûìè ñðåäñòâàìè

ïîèñêà (è çàñå÷ü âðåìÿ)

2

îöåíèòü ðåëåâàíòíîñòü ïîèñêîâîé

âûäà÷è íà òîì æå çàïðîñå

Ïðèìåð çàïðîñà äëÿ

ðàçâåäî÷íîãî ïîèñêà
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Ïðèìåð: �ðàãìåíò çàïðîñà ¾Ñèñòåìà IBM Watson¿

IBM Watson � ñóïåðêîìïüþòåð �èðìû IBM, îñíàù¼ííûé âîïðîñíî-îòâåòíîé

ñèñòåìîé èñêóññòâåííîãî èíòåëëåêòà, ñîçäàííûé ãðóïïîé èññëåäîâàòåëåé ïîä

ðóêîâîäñòâîì Äýâèäà Ôåðó÷÷è. Åãî ñîçäàíèå � ÷àñòü ïðîåêòà DeepQA. Îñíîâ-

íàÿ çàäà÷à Óîòñîíà � ïîíèìàòü âîïðîñû, ñ�îðìóëèðîâàííûå íà åñòåñòâåííîì

ÿçûêå, è íàõîäèòü íà íèõ îòâåòû â áàçå äàííûõ. Íàçâàí â ÷åñòü îñíîâàòåëÿ IBM

Òîìàñà Óîòñîíà.

IBM Watson ïðåäñòàâëÿåò ñîáîé êîãíèòèâíóþ ñèñòåìó, êîòîðàÿ ñïîñîáíà ïîíè-

ìàòü, äåëàòü âûâîäû è îáó÷àòüñÿ. Îíà òàêæå ïîçâîëÿåò ïðåîáðàçîâûâàòü öåëûå

îòðàñëè, ðàçëè÷íûå íàïðàâëåíèÿ íàóêè è òåõíèêè. Íàïðèìåð, ïðåäñêàçûâàòü ïî-

ÿâëåíèå ýïèäåìèé èëè âîçíèêíîâåíèÿ î÷àãîâ ïðèðîäíûõ êàòàñòðî� â ðàçëè÷íûõ

ðåãèîíàõ, âåñòè ìîíèòîðèíã ñîñòîÿíèÿ àòìîñ�åðû áîëüøèõ ãîðîäîâ, îïòèìèçè-

ðîâàòü áèçíåñ-ïðîöåññû, óçíàâàòü, êàêèå òîâàðû áóäóò â òðåíäå â áëèæàéøåå

âðåìÿ.

... ... ...

�åëåâàíòíûå òåêñòû: ïðèìåðû ñåðâèñîâ è ïðèëîæåíèé, îñíîâà êîòîðûõ �

êîãíèòèâíàÿ ïëàò�îðìà IBM Watson, èñïîëüçóåìûå â IBM Watson òåõíîëîãèè,

âîïðîñ-îòâåòíûå ñèñòåìû, ñîïîñòàâëåíèå IBM Watson ñ Wolfram-Alpha.

Íåðåëåâàíòíûå òåêñòû: îáùèå âîïðîñû èñêóññòâåííîãî èíòåëëåêòà, äðóãèå

êîììåð÷åñêèå ðåøåíèÿ íà ðûíêå áèçíåñ-àíàëèòèêè.
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Òåìàòèêà çàïðîñîâ ðàçâåäî÷íîãî ïîèñêà

Ïðèìåðû çàãîëîâêîâ ðàçâåäî÷íûõ çàïðîñîâ ê Õàáðó

(îáú¼ì êàæäîãî çàïðîñà � îêîëî îäíîé ñòðàíèöû À4):

Àëãîðèòìû ðàñêðàñêè ãðà�îâ Ñèñòåìà IBM Watson

�åêîìåíäàòåëüíàÿ ñèñòåìà Net�ix 3D-ïðèíòåðû

Ìåòîäèêè áûñòðîãî íàáîðà òåêñòà CERN-êëàñòåð

Êîñìè÷åñêèå ïðîåêòû Èëîíà Ìàñêà AB-òåñòèðîâàíèå

Òåõíîëîãèè Hadoop MapRedu
e Îáëà÷íûå ñåðâèñû

Áåñïèëîòíûé àâòîìîáèëü Google 
ar Êîíòåêñòíàÿ ðåêëàìà

Êðèïòîñèñòåìû ñ îòêðûòûì êëþ÷îì Ìàðñîõîä Curiosity

Îáçîð ïëàò�îðì îíëàéí-êóðñîâ Âèäåîêàðòû NVIDIA

Data S
ien
e Meetups â Ìîñêâå �àñïîçíàâàíèå îáðàçîâ

Îáðàçîâàòåëüíûå ïðîåêòû mail.ru Ñåðâèñû Google s
holar

Ìåæïëàíåòíàÿ ñòàíöèÿ New horizons MIT MediaLab Resear
h

ßçûêîâàÿ ìîäåëü word2ve
 Ïëàò�îðìà Mi
rosoft Azure
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Ïîñëåäîâàòåëüíûé ïîäáîð êîý��èöèåíòîâ ðåãóëÿðèçàöèè

äåêîððåëèðîâàíèå ðàñïðåäåëåíèé òåðìèíîâ â òåìàõ (τ),

ðàçðåæèâàíèå ðàñïðåäåëåíèé òåì â äîêóìåíòàõ (α),

ñãëàæèâàíèå ðàñïðåäåëåíèé òåðìèíîâ â òåìàõ (β).
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Îöåíêè êà÷åñòâà ïîèñêà

Pre
ision � äîëÿ ðåëåâàíòíûõ ñðåäè íàéäåííûõ

Re
all � äîëÿ íàéäåííûõ ñðåäè ðåëåâàíòíûõ

P =
TP

TP+ FP

� òî÷íîñòü (pre
ision)

R =
TP

TP+ FN

� ïîëíîòà, (re
all)

F1 =
P + R

2PR
� F1-ìåðà

TP (true positive) � íàéäåííûå ðåëåâàíòíûå

FP (false positive) � íàéäåííûå íåðåëåâàíòíûå

FN (false negative) � íåíàéäåííûå ðåëåâàíòíûå
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

�åçóëüòàòû èçìåðåíèÿ òî÷íîñòè è ïîëíîòû ïî çàïðîñàì

100 çàïðîñîâ, 3 àñåññîðà íà çàïðîñ

òî÷íîñòü è ïîëíîòà ïîèñêà âðåìÿ è F1-ìåðà (àñåññîðû)
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Assessors

ñðåäíåå âðåìÿ îáðàáîòêè çàïðîñà àñåññîðîì � 30 ìèíóò

òî÷íîñòü âûøå ó àñåññîðîâ, ïîëíîòà � ó ïîèñêîâèêà
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Ñðàâíåíèå ñ àñåññîðàìè ïî êà÷åñòâó ïîèñêà

Òî÷íîñòü è ïîëíîòà ïî ïåðâûì k ïîçèöèÿì ïîèñêîâîé âûäà÷è

(êîëëåêöèÿ Habrahabr.ru)
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A.Ianina, K.Vorontsov. Multi-obje
tive topi
 modeling for exploratory sear
h in
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Ñðàâíåíèå ñ àñåññîðàìè ïî êà÷åñòâó ïîèñêà

Òî÷íîñòü è ïîëíîòà ïî ïåðâûì k ïîçèöèÿì ïîèñêîâîé âûäà÷è

(êîëëåêöèÿ Te
hCrun
h.
om)
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h in
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Âëèÿíèå ìåðû áëèçîñòè äîêóìåíòà è çàïðîñà íà êà÷åñòâî ïîèñêà

Ìåðû áëèçîñòè ðàñïðåäåëåíèé:

Eu
lidean, Cosine, Manhattan, Hellinger, Kullba
k�Leibler

Êîëëåêöèÿ Habrahabr.ru Êîëëåêöèÿ Te
hCrun
h.
om

Eu 
os Ma He KL Eu 
os Ma He KL

Pre
�5 0.612 0.810 0.682 0.709 0.721 0.635 0.819 0.673 0.732 0.715

Pre
�10 0.657 0.879 0.697 0.735 0.749 0.665 0.867 0.683 0.752 0.732

Pre
�15 0.627 0.868 0.635 0.727 0.711 0.643 0.833 0.642 0.742 0.724

Pre
�20 0.619 0.847 0.627 0.728 0.707 0.638 0.825 0.638 0.729 0.708

Re
all�5 0.672 0.840 0.692 0.721 0.803 0.658 0.835 0.669 0.733 0.775

Re
all�10 0.682 0.870 0.707 0.775 0.856 0.671 0.868 0.682 0.753 0.787

Re
all�15 0.705 0.891 0.725 0.791 0.878 0.715 0.890 0.708 0.785 0.809

Re
all�20 0.703 0.925 0.732 0.812 0.888 0.712 0.919 0.715 0.808 0.812

Íàèëó÷øåå êà÷åñòâî ïîèñêà � ïðè êîñèíóñíîé ìåðå

Îäíè è òå æå àñåññîðñêèå îöåíêè ìîæíî èñïîëüçîâàòü

äëÿ îöåíèâàíèÿ íîâûõ ìîäåëåé è ïîèñêîâûõ äâèæêîâ
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Âëèÿíèå êîìáèíàöèé ðåãóëÿðèçàòîðîâ íà êà÷åñòâî ïîèñêà

Äåêîððåëèðîâàíèå, Θ-ðàçðåæèâàíèå, Φ-ñãëàæèâàíèå

Êîëëåêöèÿ Habrahabr.ru Êîëëåêöèÿ Te
hCrun
h.
om

R = 0 Ä ÄΘ ÄΘΦ R = 0 Ä ÄΘ ÄΘΦ

Pre
�5 0.628 0.748 0.771 0.810 0.652 0.775 0.779 0.819

Pre
�10 0.653 0.776 0.812 0.879 0.679 0.787 0.819 0.867

Pre
�15 0.642 0.765 0.792 0.868 0.669 0.773 0.798 0.833

Pre
�20 0.643 0.759 0.783 0.847 0.673 0.777 0.792 0.825

Re
all�5 0.692 0.784 0.805 0.840 0.673 0.812 0.812 0.835

Re
all�10 0.714 0.814 0.834 0.870 0.685 0.821 0.845 0.868

Re
all�15 0.725 0.835 0.867 0.891 0.712 0.859 0.869 0.890

Re
all�20 0.735 0.862 0.891 0.925 0.723 0.882 0.895 0.919

Êîìáèíèðîâàíèå ðåãóëÿðèçàòîðîâ óëó÷øàåò êà÷åñòâî ïîèñêà,

õîòÿ èñõîäíî âñå ðåãóëÿðèçàòîðû íàöåëåíû íà óëó÷øåíèå

èíòåðïðåòèðóåìîñòè òåì è íå îïòèìèçèðóþò ïîèñê ÿâíî
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Âëèÿíèå ñî÷åòàíèÿ ìîäàëüíîñòåé íà êà÷åñòâî ïîèñêà

Êîëëåêöèÿ Habrahabr.ru. ×èñëî òåì |T | = 200. Ìîäàëüíîñòè:

Ñëîâà, Áèãðàììû, Òåãè, Õàáû, Êîììåíòàòîðû, Àâòîðû.

àñåññîðû Ñ Ê ÑÁ ÑÁÒÕ âñå

Pre
�5 0.821 0.612 0.549 0.654 0.737 0.810

Pre
�10 0.869 0.635 0.568 0.701 0.752 0.879

Pre
�15 0.875 0.625 0.532 0.685 0.682 0.868

Pre
�20 0.863 0.616 0.533 0.682 0.687 0.847

Re
all�5 0.780 0.722 0.636 0.797 0.827 0.840

Re
all�10 0.817 0.744 0.648 0.812 0.875 0.870

Re
all�15 0.850 0.778 0.677 0.842 0.893 0.891

Re
all�20 0.873 0.803 0.685 0.852 0.898 0.925

Íàèëó÷øåå êà÷åñòâî ïîèñêà � ïî âñåì ìîäàëüíîñòÿì

Íàèáîëåå ïîëåçíûå ìîäàëüíîñòè � ñëîâà è òåãè
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Âëèÿíèå ñî÷åòàíèÿ ìîäàëüíîñòåé íà êà÷åñòâî ïîèñêà

Êîëëåêöèÿ Te
hCrun
h.
om. ×èñëî òåì |T | = 450.
Ìîäàëüíîñòè: Ñëîâà, Êàòåãîðèè, Áèãðàììû, Àâòîðû.

àñåññîðû Ñ Ê ÑÁ ÑÁÊ âñå

Pre
�5 0.822 0.711 0.557 0.767 0.808 0.819

Pre
�10 0.851 0.721 0.581 0.783 0.818 0.867

Pre
�15 0.835 0.733 0.594 0.793 0.833 0.833

Pre
�20 0.813 0.727 0.566 0.772 0.822 0.825

Re
all�5 0.762 0.752 0.657 0.775 0.825 0.835

Re
all�10 0.792 0.776 0.669 0.808 0.855 0.868

Re
all�15 0.835 0.782 0.684 0.825 0.877 0.890

Re
all�20 0.867 0.825 0.702 0.837 0.901 0.919

Íàèëó÷øåå êà÷åñòâî ïîèñêà � ïî âñåì ìîäàëüíîñòÿì

Íàèáîëåå ïîëåçíûå ìîäàëüíîñòè � ñëîâà è êàòåãîðèè
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Âëèÿíèå ÷èñëà òåì íà êà÷åñòâî ïîèñêà

Êîëëåêöèÿ Habrahabr.ru

Èñïîëüçóåì âñå 5 ìîäàëüíîñòåé, ìåíÿåì |T |

àñåññîðû 100 150 200 250 400

Pre
�5 0.821 0.662 0.721 0.810 0.761 0.693

Pre
�10 0.869 0.761 0.812 0.879 0.825 0.673

Pre
�15 0.875 0.733 0.795 0.868 0.791 0.651

Pre
�20 0.863 0.724 0.795 0.847 0.792 0.642

Re
all�5 0.780 0.732 0.807 0.840 0.821 0.721

Re
all�10 0.817 0.771 0.843 0.870 0.851 0.751

Re
all�15 0.850 0.824 0.895 0.891 0.871 0.773

Re
all�20 0.873 0.857 0.905 0.925 0.892 0.771

Íàèëó÷øåå êà÷åñòâî ïîèñêà � ïðè 200 òåìàõ

Òåìàòè÷åñêèé ïîèñê ïðåâîñõîäèò àñåññîðîâ ïî ïîëíîòå
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Âåðîÿòíîñòíîå òåìàòè÷åñêîå ìîäåëèðîâàíèå

�åãóëÿðèçàòîðû è èõ êîìáèíèðîâàíèå

�àçâåäî÷íûé èí�îðìàöèîííûé ïîèñê

Êîíöåïöèÿ ðàçâåäî÷íîãî ïîèñêà

Îöåíèâàíèå êà÷åñòâà òåìàòè÷åñêîãî ïîèñêà

Îïòèìèçàöèÿ ïàðàìåòðîâ ìîäåëè

Âëèÿíèå ÷èñëà òåì íà êà÷åñòâî ïîèñêà

Êîëëåêöèÿ Te
hCrun
h.
om

Èñïîëüçóåì âñå 4 ìîäàëüíîñòè, ìåíÿåì |T |

àñåññîðû 350 400 450 475 500

Pre
�5 0.822 0.653 0.725 0.752 0.819 0.777

Pre
�10 0.851 0.663 0.732 0.762 0.867 0.811

Pre
�15 0.835 0.682 0.743 0.787 0.833 0.793

Pre
�20 0.813 0.650 0.743 0.773 0.825 0.793

Re
all�5 0.762 0.731 0.762 0.793 0.835 0.817

Re
all�10 0.792 0.763 0.793 0.812 0.868 0.855

Re
all�15 0.835 0.782 0.807 0.855 0.890 0.882

Re
all�20 0.867 0.792 0.823 0.862 0.919 0.903

Íàèëó÷øåå êà÷åñòâî ïîèñêà � ïðè 475 òåìàõ

Òåìàòè÷åñêèé ïîèñê ïðåâîñõîäèò àñåññîðîâ ïî ïîëíîòå
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�åçþìå

Òåìàòè÷åñêîå ìîäåëèðîâàíèå � ýòî âîññòàíîâëåíèå

ëàòåíòíûõ òåì ïî êîëëåêöèè òåêñòîâûõ äîêóìåíòîâ

Çàäà÷à ñâîäèòñÿ ê ñòîõàñòè÷åñêîìó ìàòðè÷íîìó ðàçëîæåíèþ

Çàäà÷à ÿâëÿåòñÿ íåêîððåêòíî ïîñòàâëåííîé, òàê êàê

ìíîæåñòâî å¼ ðåøåíèé â îáùåì ñëó÷àå áåñêîíå÷íî

Ñòàíäàðòíûå ìåòîäû PLSA è LDA íå ðåøàþò ýòó ïðîáëåìó

Àääèòèâíàÿ ðåãóëÿðèçàöèÿ (ARTM) äîîïðåäåëÿåò çàäà÷ó

è ïîçâîëÿåò ñòðîèòü ìîäåëè ñ çàäàííûìè ñâîéñòâàìè

Îíëàéíîâûé EM-àëãîðèòì õîðîøî ðàñïàðàëëåëèâàåòñÿ

è òåìàòèçèðóåò áîëüøèå êîëëåêöèè çà îäèí ïðîõîä

�àçâåäî÷íûé òåìàòè÷åñêèé ïîèñê ïðîòèâ àñåññîðîâ:

òî÷íîñòü òà æå, ïîëíîòà íà 5% âûøå, 1 ñåê. âìåñòî 30 ìèí.
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