
˭͔͙͔͊ͫ͒͊ͤ ͔͎̏ͫͨͪͭͤͦͦ͟ ͍͔ͫͦͭ͊ ͨͦ ͍͙͙ͪ͊ͭ͘Ό ͼ͙ͺ͍͚ͪͦͦ Ή͙͙ͦͤͦͣ͟͟Σ ͔ͭͻ͎͙͚ͤͦͦ͡ ͙ 
͙͍ͤͤͦ͊ͼ͙͚ ˸͖͎ͦͦ͒͗ͤͦͦ͡ ͔ͨ͊ͪ͊ͣͤͭ͊͡ ͙ͨͪ ˥͍͔͚ͦͫͯ͒͊ͪͫͭͤͤͦ ͔͒ͯͣ ̅˿ ˾̅
ͨͦ ͔͔ͭͣ ζ˭͊΅͙ͭ͊ ͍͔͔͎ͫͯͪͤͤͦͦ ͙ͤͺͦͪͣ͊ͼ͙͎ͦͤͤͦͦ ͍ͨͪͦͫͭͪ͊ͤͫͭ͊Υ 
͍͍ͨͪ͊ͦ·͔Σ ͤ͊ͯ;ͤͦ-͔ͭͻ͙ͤ;͔͙͔ͫ͟ ͙ ͎͙ͦͪ͊ͤ͊͘ͼ͙ͦͤͤ·͔ ͔ͣͪ·η 

͔́ͻ͎͙͙ͤͦͦ͡ ͙͍͔͎ͫͯͫͫͭͤͤͦͦ͟ ͙͔͔ͤͭͭ͊͟͡͡ 
͙͍ͨͪͦͭ ͺ͔͚͍ͦ͟Σ ͍ͨͦͫͭͨͪ͊͒·͙ 
͙ͤͺͦͪͣ͊ͼ͙ͦͤͤ·ͻ ͍͚ͦͤ

ˤͦͪͦͤͼ͍ͦ ˴͙ͦͤͫͭ͊ͤͭͤ ˤΎ;͔͍͍͙ͫ͊ͦ͡;
k.v.vorontsov@ phystech.edu

͒ΦͺΦ-ͣΦͤΦΣ  ͨͪͦͺ͔ͫͫͦͪ ˾ˢ˹Σ  
͊͘Φ͍ ͊͋͡Φ ˸͊΄͙͎ͤͤͦͦ ͦ͋ͯ;͔͙ͤΎ ͙ ͔͙ͫͣ͊ͤͭ;͔͎ͫͦͦ͟ ͙͊ͤ͊͊͘͡ 

ˮ͙ͤͫͭͭͯͭ͊ ͙͍͔͎ͫͯͫͫͭͤͤͦͦ͟ ͙͔͔ͤͭͭ͊͟͡͡ ˸˥̂Σ
͍͊͘Φ ͊͟ͺΦ ˸͊΄͙͎ͤͤͦͦ ͦ͋ͯ;͔͙ͤΎ ͙ ͼ͙ͺ͍͚ͪͦͦ ͎͙͙͙͙ͯͣ͊ͤͭ͊ͪͫͭ͟˸̅́ˮΣ

нл ͣ͊Ύ 2022



ˮͤͺͦͪͣ͊ͼ͙ͦͤͤ͊Ύ ͍͚ͦͤ͊

ζ˩͙ͫ͡ ͍͟ ͙͊ͫͫ͡;͔͙ͫ͟ͻ ͍͚ͦͤ͊ͻ ͼ͔͡ΈΌ Ύ͍͡Ύ͔ͭͫΎ ͙ͯͤ;͔͙͔ͭͦ͗ͤ ͙͍͚͗ͦ ͙ͫ͡· 

͙͍͙ͨͪͦͭͤ͊͟Σ ͍͍͔͔ͫͦͪͣͤͤ·ͻ ͙͔͍͚͋ͪͦͤ͊͟ͻτ͙ͯͤ;͔͙͔ͭͦ͗ͤ ͙ͤͺͪ͊ͫͭͪͯͭͯͪ͟· 

͙͍͙ͨͪͦͭͤ͊͟Σ ͭͦͼ͔͡ΈΌ ͍͚ͤͦͦ ͍͚ͦͤ· Ύ͍͡Ύ͔ͭͫΎ ͙ͯͤ;͔͙͔ͭͦ͗ͤ ͙ͫ͊ͣͦͫͦͤ͊ͤ͘ΎΣ 

͙͔͔͙͔ͣͤͤ͘ ͔ͣͤͭ͊͡Έ͚ͤͦτͼ͙͍͙͙͊͘͡ͼ͙͚ͦͤͤͦ ͍ͦͫͤͦ·τͦ͋΅͔͍ͫͭ͊ ͙͍͙ͨͪͦͭͤ͊͟. 

̒͋ · ͍ͤ͊͊͘͡ Ήͭͦͭ ͙ͭͨ ͍͚ͦͤ·τ͔ͣͤͭ͊͡Έͤ·ͣη

ȥɒɉɕɊɎ ȭɐɡɒɍɛɏɍɎ,ɖɓɇɊɗɒɍɏ ȱɍɒɍɖɗɕɅ ɓɆɓɕɓɒɠ ȵȹ, 

èȥɕɖɊɒɅɐ ȳɗɊɜɊɖɗɇɅé ɴ 1 (51) ɌɅ 2021

͔́ͫͭ͟·Σ ͔͙ͣ͒͊ͦ͋Ά͔ͭ͟·τ͍ͤͦ·͚ ͍͙͒ ζͯ͟͡Έ͎͙ͭͯͪͦͦ͡;͔͎ͫͦͦ͟ ͍͔͙ͦͦͪͯ͗ͤΎη

˭͊͒͊;͙Υ͙͙͎ͣͦͤͭͦͪͤΣ ͍͔͍͔͔͔ͫͦͪͣͤͤͦ ͔͙͔ͦ͋ͤ͊ͪͯ͗ͤΣ ͙͍͔͚͍͙͔ͨͪͦͭͦ͒ͫͭ 

͔͙͍͒ͫͭͪͯͭͤ͟·ͣ ͙͔͎͙͒ͦͦ͡ΎͣΣ ͎͔ͨͪͦͨ͊͊ͤ͒Σ ͺ͔͚͊ͣ͟Σ ͍͔ͨͦͫͭͨͪ͊͒
2



͍͔͙͔̒ͤ͡ ͙ ͙͙ͨͦͭ͊͟͡ ͍ͨͦͫͭͨͪ͊͒·(post-truth)

˽͍ͦͫͭͨͪ͊͒͊τΉͭͦ ͦ͋ͫͭͦΎ͔ͭ͡Έ͍ͫͭ͊Σ ͙ͨͪ ͦͭͦͪ͟·ͻ ͦ͋Ά͔͙͍ͭͤ͟·͔ ͺ͊ͭ͟· Ύ͍͡ΎΌͭͫΎ 
͔͔͔ͣͤ ͤ͊͘;͙ͣ·͙ͣ ͙ͨͪ ͺ͙͍͙͙ͦͪͣͪͦ͊ͤ ͦ͋΅͔͍͔͎ͫͭͤͤͦͦ ͔͙ͣͤͤΎΣ ;͔ͣ 
ͦ͋ͪ͊΅͔͙ͤΎ ͟ Ήͣͦͼ͙Ύͣ ͙ ͙͡;ͤ·ͣ ͔͔͙ͯ͋͗͒ͤΎͣ [Oxford English Dictionary]

3

çpost-truthè ðʩʣʦʚʦ 2016 ʛʦʜʘ

˽͍ͦͫͭͨͪ͊͒͊τΉͭͦ ͊͟;͔͍͔ͫͭͤͤͦ ͍͔ͤͦͦ ͫͦͫͭͦΎ͙͔ͤ ͎ͨͪͦͨ͊͊ͤ͒·Σ ͍͙ͦͤ͊͘͟Ό΅͔͔Σ 
͎ͦ͒͊͟ ͊͗͒͟·͚ ;͔͍͔ͦ͟͡ ͨͦͯ͡;͔͊ͭ ͔ͭͻ͙ͤ;͔͙͔ͫ͟ ͍͙ͦͣͦ͗ͤͦͫͭ͘ ͙ͫͦ͒͊ͤ͘Ύ ͙ 
͔͙ͪ͊ͫͨͪͦͫͭͪ͊ͤͤΎ ͙ͤͺͦͪͣ͊ͼ͙͙Σ ͔͔ͪ͊ͤ ͒ͦͫͭͯͨͤ·͔ ͙͡΄Έ ͨͪͦͺ͔͙ͫͫͦͤ͊͡Έͤ·ͣ 
˿˸ˮΣ ͤͦ ͔ͤ ͔͖ͤͫͭ ͙͡;͚ͤͦ ͍͔͍͔͙ͦͭͭͫͭͤͤͦͫͭ ͊͘ ͔͖ ͊͟;͔͍ͫͭͦ.



͔́ͻ͎͙͙ͤͦͦ͡ ͍·͍͙ͪ͊ͫ͡Έ ͙͘-ͨͦ͒ ͦͤͭͪͦ͟͡ΎΚ

Å̏ ͺͺ͔ͭ͟ ζ͔͍͔͙͚ͤͦͨͪͦͪ͗ͣͦ ͙͗͡η ͍ ͙ͤͺͦͪͣ͊ͼ͙ͦͤͤͦͣ ͍͔ͨͪͦͫͭͪ͊ͤͫͭ

Å̏ ͺͺ͔ͭ͟ ζ͙ͤͺͦͪͣ͊ͼ͙ͦͤͤ·ͻ ͨͯ͘·͔͚ͪη ͍ ͙͔ͫͫͭͣ͊ͻ ͙ͨͦͫ͊͟ ͙ ͔͔ͪͦͣͤ͒͊͟ͼ͙͚

Å˥ ͔͔ͤͪ͊ͭͦͪ· ͺ͔͚͍ͦ͟·ͻ ͍͔͚ͤͦͦͫͭΣ ͎ͦͦͫ͊͡Σ ͍͙͔͒ͦ όDeepFake)

Å˨ ͙͔͙ͦͫͭ͗ͤΎ ͎͙ͯͣ͊ͤͭ͊ͪͤ·ͻ ͤ͊ͯ͟ ͍ ͍͔͙͙ͯͨͪ͊ͤ͡ ͍ͣ͊ͫͫͦ·ͣ ͙͔ͫͦͤ͊ͤͣ͘

4

˴͙͔͊͟ ͔ͭͻ͎͙͙ͤͦͦ͡ ͍͔ͪͤͯͭ ͦͤͭͪͦ͟͡ΈΚ

Å˸ ͙͙͎ͦͤͭͦͪͤ ͭͦ;͔͟ ͤ͊ͨͪΎ͖͙͗ͤͤͦͫͭ ͙ ͎ͯͪͦ͘ ͍ ͙ͤͺͦͪͣ͊ͼ͙ͦͤͤͦͣ ͍͔ͨͪͦͫͭͪ͊ͤͫͭ

Ås ͍͙ͭͦͣ͊ͭ͊͘ͼ͙Ύ ͍͔͙ͨͪͦͪ͟ ͺ͍͊ͭͦ͟Σ ͙͔ͫͦ͒͊ͤ͘ ͋͊͘· ͺ͔͚͍ͦ͟ ͫ ͙ͻ ͍͔͔͙ͦͨͪͦͪ͗ͤΎ͙ͣ

Ås ͍͙ͭͦͣ͊ͭ͊͘ͼ͙Ύ ͦͼ͔͙͍͙ͤ͊ͤΎ ͦ͋΅͔͍͔ͫͭͤͤͦ-͙͙ͨͦͭ͡;͔͎ͫͦͦ͟ ͔ͦͤͭͤͭ͊͟



͙́ͨ· ͔͊ͨͪ͘΅͖͚ͤͤͦ ͙ͤͺͦͪͣ͊ͼ͙͙ όмпф-̅˭ύ

Å˨͔ͭͫ͊͟Ύ ͎ͨͦͪͤͦͪ͊ͺ͙Ύ 
Å˹͔͊ͦͤͤ͘͟·͚ ͦ͋ͦͪͦͭ ͙͍ͤ͊ͪͦͭͦ͟͟
Å˽͙ͪ͘·͍· ͟ ͙͚͍ͫ͊ͣͦͯ͋ͫͭͯ
Åˤ͍͔ͦ͡;͔͙͔ͤ ͔͍͔ͤͫͦͪ΄͔͔͙ͤͤͦͭͤ͡ͻ
Å͔͙͙͔̏ͫͭͪͣͫͭͫ͟͟ ͔͙ͣ͊ͭͪ͊͡·
Å˽͎ͪͦͨ͊͊ͤ͒͊ ͙ͨͪͦͫͭͭͯͼ͙͙
Å͙̏ͦͤͦͣ͟;͔͙͔ͫ͟ ͔͔͙ͨͪͫͭͯͨͤ͡Ύ
Åˤͪ͘·͍;͊ͭ·͔ ͍͔΅͔͍ͫͭ͊
Å˽͔ͦ͒͒͡Έͤ·͔ ͔͒ͦͯͣͤͭ͟·
Å͔͙͔̂ͦͤͤ͟͡ ͦͭ ͙͙͊ͪͣ
Å˽͎ͦͪͤͦͪ͊ͺ͙;͔͙͔ͫ͟ ͔͙ͣ͊ͭͪ͊͡·
Å˥͍͔ͦͫͯ͒͊ͪͫͭͤͤ͊Ύ ͚ͭ͊ͤ͊
Å˴ͦͤͭͪ͊ͺ͊ͭͤ͊͟Ύ ͨͪͦ͒ͯ͟ͼ͙Ύ
Å˻͙͔ͪͯ͗
Å͙̊ͦͨ͡ͺ͙͎ͭͤόͪ͊͗͊͟ ͍ ͎͙ͣ͊͊ͤ͊͘ͻύ

Å˽͔͔͔ͪͫ;͔͙͔ͤ ͎͍͔͚ͦͫͯ͒͊ͪͫͭͤͤͦ 
͎͙ͪ͊ͤͼ·

Å˿͔ͨͼ͙͊͡Έͤ·͔ ͔ͭͻ͙ͤ;͔͙͔ͫ͟ ͔͍ͫͪ͒ͫͭ͊
Å˽͎ͪͦͨ͊͊ͤ͒͊ ͋ͪͦ͒Ύ͙͗ͤ;͔͍ͫͭ͊
Å˿͙͡Έ͔͚͍ͤͦ͒ͫͭͯΌ΅͙͔ ͔ͨͪͨ͊ͪ͊ͭ·
Åˣͪ͊ͦͤ͟Έ͔͍ͪͫͭͦ
Å˽ͪͦ͒͊͗͊ ;͔͍͔ͦ͡;͔͙ͫ͟ͻ ͎͍ͦͪ͊ͤͦ
Å˨͙͙͙ͫͪͣͤ͊͟ͼ͙ΎΣ ͤ͊ͼ͙͙ͦͤ͊ͣ͘͡
Å˿ͦͪ͟·͙͔ͭ ͭͪͯͨ͊
Å˭͊ͼ͔͙͎ͨͤ
Å˿ͪ·͍ ͍·͍͋ͦͪͦ
Å˽ͪͦ͒͊͗͊ ͍ͯͪͫͦ͟·ͻΣ ͙͒ͨͦͣͤ͡·ͻ ͪ͊͋ͦͭ
Å˾ͯͺ͔ͪ·
Åˢ̂˩Σ ͙͙ͪͣͤ͊͟͡Έͤ·͚ ͦ͋ͪ͊͘ ͙͙͗ͤ͘
ÅΧ

5

˽͙͔ͪͣͪ· ͙͍ͭͨͦ ͙ͤͺͦͪͣ͊ͼ͙͙ ͒͡Ύ ͙͙͎ͣͦͤͭͦͪͤ͊ ͙ ͍͔͔͙ͤͫͤΎ ͍ ˩͙͒ͤ·͚ ͔͔ͪͫͭͪ ͔͊ͨͪ͘΅͖ͤͤ·ͻ ͚͍ͫ͊ͭͦ 

ό͍͔͎ͫͦ ͔͔͋ͦ͡ рл ͙͍ͭͨͦύ



͙́ͨ· ͔ͤ ͔͊ͨͪ͘΅͖͚ͤͤͦΣ ͤͦ ͔ͨͦͭͤͼ͙͊͡Έͤͦ 
͚ͦͨ͊ͫͤͦ ͙ͤͺͦͪͣ͊ͼ͙͙ τζ͔ͫͪ͊Ύ ͦͤ͊͘η

Å˻͔͋ͫͼ͔͙͍͙͔ͤ͊ͤ ͎͚ͪ͊͗͒͊ͤͫͦ͟ ͙͔͙͒ͤͭ;͙ͤͦͫͭ
Å͔͚͙̅͟ ͦ͋ ͙͙͙ͫͭͦͪ ˾͙͙ͦͫͫ
Å˻͙͔ͫͦͪ͋ͭ͟͡Έͤ·͔ ͊ͪͭ-͊͟ͼ͙͙ ͦ ˾͙͙ͦͫͫ
Å˻͔͋ͫͼ͔͙͍͙͔ͤ͊ͤ ͙͔͙͚͒ͦͫͭ͗ͤ ͙ͤ͊ͯ͟Σ ͯ͟͡Έͭͯͪ·Σ 
͙͍ͫͯͫͫͭ͊͟ ͙ ͫͨͦͪͭ͊ ˾͙͙ͦͫͫ

Å˴ͯ͡Έ͎͙ͭͯͪͦͦ͡;͔͙͔ͫ͟ ͎ͯͪͦ͘·Υ ͔͔͎͙ͨͪ͋· 
͙͔͙ͨͦͭͦͪͪͭͤͦͫͭ͟͟͡Σ ͙͎ͣͪ͊ͤͭͦͺ͙ͦ͋Ύ

Ǻ͔ͯͤΎ͍͒ͫͭͦΣ ͔ͦ͋ͫͼ͔͙͍͙͔ͤ͊ͤ ͭͪͯ͒͊
Å˴͎͙͙͍ͦͤͭͤ·͔ ͙͔͙ͫ͊͗ͤ͟ΎΣ ͔ͦ͋ͫͼ͔͙͍͙͔ͤ͊ͤΣ 
͔ͫͤͦ͟ͺ͙ͦ͋Ύ ͍ ͯ;͔͚͋ͤͦ ͙͔͔ͭͪ͊ͭͯͪ͡

Å˸͙ͦ͒ͺ͙ͼ͙͍ͪͦ͊ͤͤ·͔ ͔ͣͭͦ͒· ˨͙͗ͤ͊ ̊͊ͪͨ͊
Å˻͔͋ͫͼ͔͙͍͙͔ͤ͊ͤ ͤ͊ͼ͔͍ͨͪͦͭͦ͟
Å˽͎ͪͦͨ͊͊ͤ͒͊ Ή͙͎ͣͪ͊ͼ͙͙ ͙͘ ˾͙͙ͦͫͫ

Åˮ͎͙ͪͦͣ͊ͤΎ
Å˿͙͎͙ͭͣ͊ͭ͊͘ͼ͙Ύ ͔͔͎͒ͤΣ ͔͙ͨͤ͊ͺ͙ͦ͋Ύ
Ǻͪ͊ͤͫͺͦͪͣ͊ͼ͙Ύ ͔͔͚ͫͣͤ·ͻ ͼ͔͔͚ͤͤͦͫͭΥ 
͙͙ͨͦ͊ͣͦͪ͡ΎΣ ͙͙͔ͨͪͦͣͫͯͭͭ͟Σ  ;͚͊͒͡ͺ͙ͪΣ 
͎͔ͫͯͪͪͦ͊ͭͤͦ ͔͙͍ͣ͊ͭͪͤͫͭͦ

Å˿͙͎͙ͭͣ͊ͭ͊͘ͼ͙Ύ ͋ͦ͡Έͤ·ͻ ͙ ͙͍͙͍ͤ͊͒ͦ͡
Å˥͚͙͎͊͊ͭͤ͘͡Σ ͙͎͋ͯͤ͡͡Σ ͙͎ͣͦ͋͋ͤΣ ͻ͔͚͙͎͍ͭͤ 
͔͚͒ͭͫͦ͟ ͙ ͔͚ͣͦͦ͒͗ͤͦ͡ ͔͔ͫͪ͒

Å˾͙ͦͣ͊ͤͭ͊͘ͼ͙ΎΣ ͎͔͙ͪͦ͊͘ͼ͙Ύ ͪ͊ͪͯ͘΄͙͔ͭ͡Έ͎ͤͦͦ 
͊ͫͦͼ͙͊͡Έ͎ͤͦͦ ͍͔͔͙ͨͦ͒ͤΎ

Å˹͔Ή͔͙ͫͭͭ;͔ͤͦ ͍͔͔͙͔ͨͦ͒ͤΣ ͎ͨͪͦͨ͊͊ͤ͒͊ 
͔͍͙͒͊ͼ͙͚ ͙ͫͭ͡Ύ ͍͔͔͙ͨͦ͒ͤΎ

Å˽͔͍͔ͫ͒ͦ͡;͔͙͔ͤΣ ͔͔͗͡͡;͔͙͔ͤ
6

˽͙͔ͪͣͪ· ͙͍ͭͨͦ ͙ͤͺͦͪͣ͊ͼ͙͙Σ ͔͍ͨͪ͒ͫͭ͊͡ΎΌ΅͙ͻ ͎ͯͪͦͯ͘ ͒͡Ύ ͎͍ͦͫͯ͒͊ͪͫͭ͊ ͙ ͦ͋΅͔͍ͫͭ͊

ό͍ ͻ͔ͦ͒ ˹ˮ˾ ͋·ͦ͡ ͙ͦͨͫ͊ͤͦ ммп ͎ͯͪͦ͘Σ ͙ͫͨͫͦ͟ ͦͭͪ͟·ͭ·͚ύ



˻͋͊ͫͭ͡Έ ͙͔͍͙͚ͫͫ͒ͦ͊ͤ͡ ζFake News Detectionη

7

E.Saquete, 5Φ¢ƻƳłǎ, P.Moreda, tΦaŀǊǘƝƴŜȊ-Barco, 
M.Palomar. Fighting post-truth using natural 
language processing: A review and open challenges.
Expert Systems With Applications, Elsevier, 2020. 

1. Deception Detection
͍·Ύ͍͔͙͔ͤ͡ ͦ͋ͣ͊ͤ͊ ͍ ͔͔ͭͫͭ͟ ͍͙ͤͦͦͫͭ

2. Automated Fact-Checking
͍͙͊ͭͦͣ͊ͭ;͔ͫ͊͟Ύ ͍͔ͨͪͦͪ͊͟ ͺ͍͊ͭͦ͟

3. Stance Detection
͍·Ύ͍͔͙͔ͤ͡ ͙ͨͦ͘ͼ͙͙ ͊͘κ͙͍ͨͪͦͭ ͊ͨͪͦͫ͊͘ όclaim)

4. Controversy Detection
͍·Ύ͍͔͙͔ͤ͡ ͙ ͔͙͊ͫͭͪ͊͘͟͡ͼ͙Ύ ͎͙͚ͪ͊ͤͦ͊ͫ͘͡

5. Polarization Detection
͙͊ͫͫ͟͡ͺ͙͊͟ͼ͙Ύ ͙ͨͦ͘ͼ͙͚ͨͦ ͎͙ͣͤͦͣ ͔ͭͣ͊ͣ

6. Clickbait Detection
͍·Ύ͍͔͙͔ͤ͡ ͙͍͔ͨͪͦͭͦͪ;͙͚ ͎͍͊ͦͦ͊͘͟͡ ͙ ͔ͭͫͭ͊͟

7. Credibility Scores
ͦͼ͔ͤ͊͟ ͍͔͙͒ͦͫͭͦͪͤͦͫͭ ͙ͫͭͦ;͙ͤ͊͟ ͙͙͡ ͍͙ͤͦͦͫͭ



͔͎̉ͦ-ͭͦ ͔ͤ ͻ͍͔͊ͭ͊ͭΧ

8

E.Saquete, 5Φ¢ƻƳłǎ, P.Moreda, 
tΦaŀǊǘƝƴŜȊ-Barco, M.Palomar.
Fighting post-truth using natural 
language processing: A review and 
open challenges. Expert Systems 
With Applications, Elsevier, 2020. 

1. Fake Newsςͤ ͔ ͔͙͍͔͒ͤͫͭͤͤ·͚ ͙ ͔ͤ ͫ͊ͣ·͚ 
͙ͫ͡Έͤ·͚ ͙͔ͤͫͭͪͯͣͤͭ ͙͙͙ͨͦͭ͟͡ ͍ͨͦͫͭͨͪ͊͒·.

2. ˽͎͙ͪͦͨ͊͊ͤ͒͊ͫͨͦ͡Έ͔ͯͭ͘ ͔ͤ ͭͦ͡Έͦ͟ ͺ͔͚͙͟Σ 
ͤͦ ͙ ͍ͨͦͯͨͪ͊͒ͯ͡Σ ͊ͣ͊͘͡;͙͍͙͔͊ͤΣ 
͙ͣ͊ͤͨͯ͡Ύ͙͍ͭͤ·͔ ͍͔͚͍͙ͦ͒ͫͭ͘Ύ ͙ ͭΦ͒Φ

3. ˮͤͺͦͪͣ͊ͼ͙ͦͤͤ·͔ ͍͚ͦͤ·ͤ͊ͼ͔͔ͤ͡· ͤ͊ 
ͪ͊ͪͯ͘΄͔͙͔ͤ ͫͦͼ͙ͦͯ͟͡Έ͎ͭͯͪͤͦͦ ͦ͒͊͟ ͙ 
͙͍ͫͦ͗͡΄͔͚ͫΎ ͦ͋΅͔͍͔͚ͫͭͤͤͦ ͙͔͎͙͙͒ͦͦ͡Φ

Å ˴͊͟ ͍ͪ͊ͫͨͦͤ͊͊ͭ͘Έ ͙ͣ͊ͤͨͯ͡Ύ͙͍ͭͤ·͔ 
͍͔͚͍͙ͦ͒ͫͭ͘Ύ ͙ ͙͔͎͙͒ͦͦ͡;͔͙͔ͫ͟ ͙͊ͭ͊͟Κ

Å ˴͊͟ ͤ͊ͻ͙ͦ͒ͭΈ ͎͙ͪ͊ͤͦ͊ͫ͘͡Ύ ͙ ͊ͣ͊͘͡;͙͍͙͔͊ͤΚ
Å ˹͊ͫͦ͟͡Έͦ͟ ͪ͊ͫ΄͙͙ͪͭͫΎ ͙͎͙ͭͨͦͦ͡Ύ ͊͒͊͘;Κ



͙͎͙́ͨͦͦ͡Ύ ͔ͨͦͭͤͼ͙͊͡Έͤͦ ͎ͦͨ͊ͫͤͦͦ ͙͒ͫͯͪͫ͊͟ 
͙ ͙͔ͫͫͭͣ͊ ͨͦ͒͊͒͊͘;ML/NLP ͒ ͡Ύ ͔͎ͦ ͔͔͒ͭ͟ͼ͙͙

͍͔͚͍͙ͦ͒ͫͭ͘ΎĄ ͺ͔͚͟Ą͙ ͎ͨͪͦͨ͊͊ͤ͒͊Ą ͙ͤͺΦ͍͚ͦͤ͊

1. ÂÃÂÂ ͔͔͒ͭ͟ͼ͙Ύ ͙͖͍ͨͪͣͦ ͙͙͍͙ͣ͊ͤͨͯͪͦ͊ͤ͡Ύ

2. ÂÃÂÂ ͔͔͒ͭ͟ͼ͙Ύ ͊ͣ͊͘͡;͙͍͙͊ͤΎ

3. ÃÂÂÂ ͔͔͒ͭ͟ͼ͙Ύ ͦ͋ͣ͊ͤ͊ όdeception detectionύΣ ͫͯ͡ͻ͍ͦ όrumors dΦύΣ ͙͙ͣͫͭͺ͙͊͟ͼ͙͚ όhoaxes d.)

4. ÃÂÃÃ ͔͔͒ͭ͟ͼ͙Ύ ͙͋͟͟͡Ή͚ͭ͊(clickbait detection) 

5. ÃÂÃÃ ͍͙͊ͭͦͣ͊ͭ;͔ͫ͊͟Ύ ͍͔ͨͪͦͪ͊͟ ͺ͍͊ͭͦ͟ όauto fact-checking)

6. ÃÂÂÃ ͔͔͒ͭ͟ͼ͙Ύ ͙ͨͦ͘ͼ͙͙ όstance dΦύΣ ͙͍͔ͨͪͦͭͦͪ;͙͚ όcontroversy dΦύΣ ͨͦ͡Ύ͙ͪ͊͘ͼ͙͙ όpolarization d.) 

7. ÃÃÂÂ ͍·Ύ͍͔͙͔ͤ͡ ͍ͦͤͫͭͪͯͭͦ͟͟ ͙͊ͪͭͤ͟· ͙ͣͪ͊Υ ͙͔͎͔͒ͦͦͣ͡Σ ͙ͣͺ͎͔ͦͦͣ͡

8. ÂÃÂÂ ͦͼ͔͙͍͙͔ͤ͊ͤ ͍ͦͣͦ͗ͤ͘·ͻ ͙ͨͫͻͦ-Ήͣͦͼ͙ͦͤ͊͡Έͤ·ͻ ͔ͪ͊͟ͼ͙͚

9. ÂÃÂÂ ͍·Ύ͍͔͙͔ͤ͡ ͼ͔͔͍͡·ͻ ͙͙͚͊ͯ͒ͭͦͪ ͍͔͚͍͙ͦ͒ͫͭ͘Ύ

10. ÃÂÂÂ ͦͼ͔͙͍͙͔ͤ͊ͤ ͙ ͔͙͔ͨͪ͒ͫ͊͊ͤ͘͟ ͙ͫͦͪͦͫͭ͟ ͔͙ͪ͊ͫͨͪͦͫͭͪ͊ͤͤΎ όvirality prediction)

11. ÃÂÂÃ ͦͼ͔͙͍͙͔ͤ͊ͤ ͍͔͙͒ͦͫͭͦͪͤͦͫͭ ͙ͫͭͦ;͙͍ͤͦ͟ όcredibility scores)

12. ÃÃÃÂ ͔͔͒ͭ͟ͼ͙Ύ ͨͪΎ͚ͣͦ ͎͔͙͙͊ͪͫͫ ό͎ͯͪͦ͘·Σ ͙ͨͪ͘·͍·Σ ͍ͨͪͦͦ͊͟ͼ͙͙Σ ͍͔͍ͪ͋ͦ͊͟Σ Ή͔͙ͫͭͪͣͣ͘͟ύ
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͔̉ͭ·͔ͪ ͍ͦͫͤͦͤ·ͻ ͙ͭͨ͊ ͨͦ͒͊͒͊͘;ML/NLP

1. ˴͙͊ͫͫ͡ͺ͙͊͟ͼ͙Ύ ͔ͭͫͭ͊͟ όͫͦͦ͋΅͔͙ͤΎ/͔͔͙ͨͪ͒ͦ͗ͤ͡Ύύ ͼ͔͙ͦͣ͟͡
Ådeceptiondetection, fact-checking, text credibility 

2. ˴͙͊ͫͫ͡ͺ͙͊͟ͼ͙Ύ ͨ͊ͪ· ͔͍ͭͫͭͦ͟
Åstance, controversy, polarization, clickbait detection
Å͍ ·Ύ͍͔͙͔ͤ͡ ͙͍͔ͨͪͦͭͦͪ;͙͚Σ ͎͙͚ͪ͊ͤͦ͊ͫ͘͡Σ ͊ͣ͊͘͡;͙͍͙͊ͤΎ

3. ˾͔͊ͣͭ͊͘͟ ͔ͭͫͭ͊͟ ό͍·͔͔͙͔͒ͤ͡ ͙ ͙͊ͫͫ͟͡ͺ͙͊͟ͼ͙Ύ ͺ͎͔͍ͪ͊ͣͤͭͦύ
Åͨ ͙ͦͫ͟ ͙͎͍͙͙ͤͫͭ͡;͔͙ͫ͟ͻ ͔͍ͣ͊ͪͪͦ͟ όlinguistic-based cues)͍  ͔͔ͭͫͭ͟
Å͒ ͔͔ͭ͟ͼ͙Ύ ͙͖͍ͨͪͣͦ ͙͙͍͙ͣ͊ͤͨͯͪͦ͊ͤ͡Ύ
Å͍ ·Ύ͍͔͙͔ͤ͡ ͍ͦͤͫͭͪͯͭͦ͟͟ ͙͊ͪͭͤ͟· ͙ͣͪ͊Υ ͙ͣͺ͎͔ͦͦͣ͡Σ ͙͔͎͔͒ͦͦͣ͡
Å͍ ·Ύ͍͔͙͔ͤ͡ ͙ͨͫͻͦ-Ήͣͦͼ͙ͦͤ͊͡Έͤ·ͻ ͔ͪ͊͟ͼ͙͚͙ ͼ͔͔͍͡·ͻ ͙͙͚͊ͯ͒ͭͦͪ

4. ˴͔͙͊ͫͭͪ͊͘͡ͼ͙Ύ ͙͙͡ ͔͙ͭͣ͊ͭ;͔͔ͫͦ͟ ͔͙͍͙͔ͣͦ͒ͪͦ͊ͤ͡
Å͟ ͔͙͊ͫͭͪ͊͘͡ͼ͙Ύ ͔͙͚ͣͤͤ ͨͦ ͚͊͒͊ͤͤͦ͘ ͔͔ͭͣ  όcontroversy detection)
Å͍ ·Ύ͍͔͙͔ͤ͡ ͨͦ͡Ύ͙͍ͪͦ͊ͤͤ͘·ͻ ͔͙͚ͣͤͤ  όpolarizationdetection)
Å͍ ·Ύ͍͔͙͔ͤ͡ ͔͙͚ͣͤͤ ͊͟͟ ͫͦ;͔͙͚ͭ͊ͤ ͍ͫͦ͡Σ ͙ͻ ͔͙ͫͣ͊ͤͭ;͔͙ͫ͟ͻ ͔͚ͪͦ͡ ͙ ͭͦͤ͊͡Έ͔͚ͤͦͫͭ
Å͍ ·Ύ͍͔͙͔ͤ͡ ζ͙͊ͪͭͤ͟ ͙ͣͪ͊η ςͯ ͚ͫͭͦ;͙͍·ͻ ͫͦ;͔͙͚ͭ͊ͤ ͔͙͚ͫͯ͗͒ͤ ͙ ͙͔͎͔͒ͦͦͣ͡  
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ˤ·Ύ͍͔͙͔ͤ͡ ͙͖͍ͨͪͣͦ ͙͙͍͙ͣ͊ͤͨͯͪͦ͊ͤ͡Ύ

˿ͭͪͯͭͯͪ͊͟ ͙ͣ͊ͤͨͯ͡Ύͼ͙͙Υ 
Åͅ ͎͔ͪ͊ͣͤͭ-͙ͣ΄͔ͤΈ

Åͅ ͎͔ͪ͊ͣͤͭ-͍͔͚͍͙͔ͦ͒ͫͭ͘

Åͭ ͙ͨ ͙ͣ͊ͤͨͯ͡Ύͼ͙͙

͙́ͨ· ͙ͣ͊ͤͨͯ͡Ύͼ͙͚Υ
Åͤ ͔͎͙͍͙͊ͭ͊͘ͼ͙Ύό͔ͦ͋ͫͼ͔͙͍͙͔ͤ͊ͤΣ ͙͒ͫͺ͔͙ͣͣ͘·Σ Ύͪ͡·͙͟Σ ͔͔͙͍͒ͨͪͫͫ·͙ ͭΦͨΦύ

Åͨ ͙͙͍͙ͦͭ͊͘͘ͼ͙Ύό͎͔͙ͪͦ͊͘ͼ͙ΎΣ Ή͍ͺ͔͙ͣ͊͘ͼ͙ΎΣ ͎͙ͦͯͤ͘͡ ͙ ͭΦͨΦύ

Å͒ ͔͍͙͊ͭͦͪ͊͘ͼ͙Ύό͊ͣ͊͘͡;͙͍͙͔͊ͤ ͙ͫͭͦ;͙ͤ͊͟Σ ͙͍ͣ͊ͫͪͦ͊͟͟ ͨͦ͒ ͫͫ·ͯ͟͡ ͙ ͭΦͨΦύ

Åͨ ͎͙͊ͪ͊ͦ͊͘͡ͼ͙Ύό͎͙͊ͦͣ͘͡Σ ͔ͦ͗ͤͦ͡ ͔͍͙͔ͫ͒ͦ͊ͤ͡Σ ͔ͨͦ͒ͣͤ͊ ͔͙ͭͫ͊͘ ͙ ͭΦͨΦύ

11

˽͙͔ͪͣͪ ͙͘ ˿˸ˮΥ 
ζ˭ ͔͔͙͚͙͎͔ͤͫͨͪͦͫͭͦͪ͊ͭ͟͡ ͪͦ͡Έ ͔͙͔ͨͪ͒ͤͭ͊͘Σ 
͊ ͔ͤ Ύ͍͡Ύ͔ͭͫΎ ͔͙͔ͨͪ͒ͤͭͦͣ͘[͔ͦ͋ͫͼ͔͙͍͙͔ͤ͊ͤ], ς
ͫ;͙͔ͭ͊ͭ Ήͫ͟-͔͒ͨͯͭ͊ͭ ˤ͔ͪͻ͍͚ͦͤͦ ͪ͊͒· 
ˣ͙͍ͦͪͫ͊͡ ˣ͔͔ͪ͊͘η



ˤ·Ύ͍͔͙͔ͤ͡ ͎ͨͪͦͨ͊͊ͤ͒· (propaganda detection)

̉ͭͦ͋· ͍·Ύ͍͡ΎͭΈ ͎ͨͪͦͨ͊͊ͤ͒ͯΣ ͤͯ͗ͤͦ ͙͔ͣͭΈ ͔ͣͦ͒͡Έ ͎ͨͪͦͨ͊͊ͤ͒·Υ
1.˽͔͙ͦ͒ͣͤ͊κ͙͙͡ ͔͙͔͒ͦͨͦͤͤ͡ͺ͍͊ͭͦ͟ ͔͙ͣͤͤΎ͙ͣ 

2.͎͔͙͍͙͔̅ͪ͊ͣͤͭͪͦ͊ͤΥ ;͊ͫͭΈ ͺ͍͊ͭͦ͟ ͊ͣ͊͘͡;͙͍͔͊ͭͫΎ

3.˨͔͔͙ͦͤͭͫͭͯ͊͊͘͟͟͡ͼ͙ΎΥ ͙͘·͔ͣ͊ͭͫΎ ͔ͦͤͭͫͭ͟͟Σ ͔͋͘ ͎ͦͭͦͪͦͦ͟ ͔͔ͦͪͪͭͤͦ͟͟ ͙͙͔ͨͦͤͣ͊ͤ 
ͫͣ·ͫ͊͡ ͺ͍͊ͭͦ͟ ͔͍ͤͦͣͦ͗ͤͦ͘

4.˾͔͔͙ͦͤͭͫͭͯ͊͊͘͟͟͡ͼ͙ΎΥ ͙͔ͦͤͫͭͪͯͪͯͭͫ͟Ύ ͍ͤͦ·͚ ͔ͦͤͭͫͭ͟͟Σ ͍·͎ͦ͒ͤ·͚ ͙ͣ͊ͤͨͯ͡Ύͭͦͪͯ 

˽ͦ͒͊͒͊͘;͙ ML/NLP:
Åʕ ·͔͔͙͔͒ͤ͡ ͙ ͙ͪ͊͘͡;͔͙͔ͤ ͺ͍͊ͭͦ͟ ͙ ͔͙͚ͣͤͤ

Åʕ ·Ύ͍͔͙͔ͤ͡ ͊ͣ͊͘͡;͙͍͙͚͊ͤ ͖ͨͯͭͣ ͍͔͙ͫͪ͊ͤͤΎ ͫ ͎͙͙͒ͪͯͣ ͙ͫͭͦ;͙͙ͤ͊ͣ͟

Åʕ ·Ύ͍͔͙͔ͤ͡ ͙͔͎͔͒ͦͦͣ͡Σ ͙ͫͨͦ͡Έ͔ͯͣ͘·ͻ ͒͡Ύ ͔͔͙ͪͦͤͭͫͭͯ͊͊͘͟͟͡ͼ͙͙

˻͋ͯ;͊Ό΅͙͔ ͍·͙͋ͦͪ͟Υ
Ǻ ͔ͫͭ͟· ͍͔͚ͤͦͦͫͭ ͫ ͔ͪ͊ͣ͘;͔ͤͤ·͙ͣ ͺ͎͔͙ͪ͊ͣͤͭ͊ͣ όͺ͊ͭ͟·Σ ͔͙ͣͤͤΎΣ ͙͔͎͔͒ͦͦͣ͡·ύ
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˽͙͔͔͔͙ͪͣͪ͒ͦͤͭͫͭͯ͊͊͘͟͟͡ͼ͙͙: 
͙̇ͭ͊ͭ· ͙͍͊ͫͫͦ͟͟͡ ͍ ͦͤ͒ͦͤͫͦͣ͟͡ ͔ͣͭͪͦ

ζˢ͙͙ͪͫͭͦͪ͊ͭͣ͘͟Σ ͙͔͙͋ͪ͊ͣ͘͡͡Σ ͎͔ͨͪͦͪͫͫΣ ͙ͨͪͤͼ͙ͨ·Σ τ
͎͍͙ͦͦͪ͡ ͔ͣ͗͒ͯ ͔ͭͣ ˣ͍͊͊ͪͦ͘Σ τ͔ͨͦ͒ͯͣ͊΄ΈΣ ͫͦ͟͡Έͦ͟ 
͙ͤͦͫͭͪ͊ͤͤ·ͻΦΦΦ͙ ͔͔͋ͫͨͦͤ͘͡·ͻ ͍ͫͦ͡Η ˾ͯͫͫͦͣͯ͟ ;͔͍͔ͦͯ͟͡ 
͙ͦͤ ͒͊ͪͦͣ ͔ͤ ͤͯ͗ͤ·η [ˮΦ˿Φ͎͔͔͍́ͯͪͤΣ ζ˻ͭͼ· ͙ ͔͙͒ͭη]

ζ˿ ͤ͊΄͔͚ ͭͦ;͙͟ ͔͙ͪͤ͘ΎΣ Ή͙ͭ ͙͎͙ͤ͟ ͒ͦ͗ͤ͡· ͋·ͭΈ ͨͪͦ;͙ͭ͊ͤ· 
͍ͦ ͍͔ͫͣ ͙͔ͣͪΦ ́ͦͭ ͺ͊ͭ͟Σ ;ͭͦ ͤ͊ ͒ͦ͡Ό ͙ͪͯͫͫ͟ͻ ͙͔͔͚ͨͫ͊ͭ͡ ͙ͨͪͻ͙ͦ͒ͭͫΎ 
͚ͭ͊ͦ͟ ͋ͦ͡Έ΄͚ͦ ͨͪͦͼ͔ͤͭ ͤ͊΄͙ͻ ͙͙͚͒͊ͤ͘Σ ͍͙͔͔ͫ͒ͭ͡Έ͍͔ͫͭͯͭ ͦ ͊͟;͔͍͔ͫͭ 
͚ͪͯͫͫͦ͟ ͙͔ͭͪ͊ͭͯͪ͡·Φ ˸· ͻ͔͙ͦͭ͡ ͙ͨͦ͋ͯ͒ͭΈ ͡Ό͔͚͒ ͫ͊ͣͦͫͭͦΎ͔ͭ͡Έͤͦ 
͙ͫ͊ͭ͟Έ ͪͦͣ͊ͤ·Φ ˭͊ͣ·͔ͫ͡ ͙͙͊ͣͨ͊ͤ͟ ͍ ͭͦͣΣ ;ͭͦ͋· ͍͙ͨͪͦͫ͊ͭ͡Έ Ή͙ͭ 
;͔ͯ͒ͫͤ·͔ ͍͔΅͙η 
τͦ͋ΆΎ͔͙͔ͫͤͤ ͔͍͙͔ͨͪ͒ͫͭ͊ͭ͡Ύ ͙͎ͤ͗ͤͦͦ͟ ͙͔͒͊ͭ͘͡Έ͍ͫͭ͊ Penguin

˽͙ͪ Ήͭͦͣ ͤ͊ ͙͔͋͋ͦͪ͒͡ ͔ͤ ͯ͊͊ͤͦ͘͟ ͙ͤ ;ͭͦ Ήͭͦ ͎͔͔͍́ͯͪͤΣ 
͙ͤ ;ͭͦ Ή͙ͭ ͍ͫͦ͊͡ ͙͔ͨͪͤ͊͒͗͊ͭ͡ ͙͔ͭͪ͊ͭͯͪͤͦͣͯ͡ ͎͔ͪͦΌΦ
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˽ͦ͒·͙ͭͦ͗ͣ

Å˽ ͙͍ͪͦͭͦͫͭͦΎ͙͔ͤ ͎ͯͪͦ͊ͣ͘ ͙͙͙ͨͦͭ͟͡ ͍ͨͦͫͭͨͪ͊͒·ςͫ ͦͼ͙͊͡Έͤͦ ͤ͊͘;͙ͣ͊Ύ ͊͒͊͘;͊Σ 

͙͙ͣͫͫΎ ͙ ͍·͍ͦ͘ ͒͡Ύ ͤ͊ͯ;ͤͦ-͔ͭͻ͎͙ͤͦͦ͡;͔͎ͫͦͦ͟ ͫͦͦ͋΅͔͍ͫͭ͊ ML/NLP

Å˭ ͊͒͊;͊ Fake News Detectionͪ͊ͫ΄͙ͪΎ͔ͭͫΎ ͍͒ͦ·Ύ͍͔͙ͤ͡Ύ ͍͔ͫͻ ͍͙͍͒ͦ ͔ͨͦͭͤͼ͙͊͡Έͤͦ 

͎ͦͨ͊ͫͤͦͦ ͙͒ͫͯͪͫ͊͟ ό͙ͣ͊ͤͨͯ͡Ύͼ͙͚Σ ͎ͨͪͦͨ͊͊ͤ͒·Σ ͙ͤͺͦͪͣ͊ͼ͙͚ͦͤͤͦ ͍͚ͦͤ·ύ

Å̏ ͙ͭ ͊͒͊͘;͙ ͍͔ͨͦͤ͡ ͔ͪ΄͔͊ͣ· ͍͔͔ͫͦͪͣͤͤ·͙ͣ ͔͍͙ͫͪ͒ͫͭ͊ͣ ML/NLP

Å˾ ͔΄͔͙͔ͤ ͔͔ͭͪ͋ͯͭ ͔͙ͣ͗͒ͫͼ͙͙͎ͨͤ͊ͪͤͦͦ͡ ͨͦ͒ͻͦ͒͊Σ ͦ͋Ά͔͙͔͙͒ͤͤΎ ͙͙͚ͯͫ͡ 

͙͎͍ͨͦͭͦͦͦ͡͡Σ ͙͍͗ͯͪͤ͊ͫͭͦ͡Σ ͙͎͍͙͍ͤͫͭͦ͡Σ ͙ͨͫͻ͎͍ͦͦͦ͡Σ AI-͙͔͔͍ͤ͗ͤͪͦ 

ˤͦͪͦͤͼ͍ͦ ˴͙ͦͤͫͭ͊ͤͭͤ ˤΎ;͔͍͍͙ͫ͊ͦ͡;
k.v.vorontsov@ phystech.edu

͔̒ͤ͒ͫ͟Φ˨͔ͤ͘:ζ͙͍͙͙̇͊͘͡ͼ͙ͦͤͤ͊Ύ ͙͔͎͙͒ͦͦ͡Ύη14



post-truth information warfare fake news political polarization fact checking language manipulation

deception detection stance detection rumor detection misinformation detection propaganda detection

clickbait detection controversy detection deceptive opinion spam virality prediction

ʏʠʩʣʦ ʧʫʙʣʠʢʘʮʠʡ (ʧʦ ʜʘʥʥʳʤ Google Scholar)
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Fake News ͙  ͫͣ ͔͗ͤ·͔ ͙ͦ͋͊ͫͭ͡ ͙͔͍͙͚ͫͫ͒ͦ͊ͤ͡
(͙͙͔͙͋͋ͦͣͭͪ͡;͔͙͚͙ͫ͊ͤ͊͘͟͡ ͨͦ ͒͊ͤͤ·ͣ Google Scholar)
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˽͍ͦͫͭ͊ͤͦ͊͟ ͊͒͊͘; ͍ ͣ͊΄͙ͤͤͦͣ ͦ͋ͯ;͔͙͙ͤ (ML)

̏ͭ͊ͨ Ѕм ςͦ ͋ͯ;͔͙͔ͤ (train)

Å˹ ͊ ͍ͻ͔ͦ͒Υ 
ͦ͋ͯ;͊Ό΅͊Ύ ͍·͋ͦͪ͊ͨ͊ͪ͟ ζͦ͋Ά͔͍͔ͭͦͭͭ͟η

Å˹ ͊ ͍·ͻ͔ͦ͒Υ
͔ͣͦ͒͡ΈΣ ͔ͨͪ͒ͫ͊͘͟·͍͊Ό΅͊Ύ ͍͔ͦͭͭ ͨͦ ͦ͋Ά͔ͭͯ͟

̏ͭ͊ͨ Ѕн ςͨ ͙͔͔͙͔ͪͣͤͤ (test)

Å˹ ͊ ͍ͻ͔ͦ͒Υ 
͒͊ͤͤ·͔ςͤ ͍ͦ·͚ ͦ͋Ά͔ͭ͟

Å˹ ͊ ͍·ͻ͔ͦ͒Υ
͔͙͔͍͔ͨͪ͒ͫ͊͊ͤͦͭͭ͊͘͟ ͤ͊ ͍ͤͦͦͣ ͦ͋Ά͔͔ͭ͟

˭͊͒͊;͊ ͍͔ͨͦͫͭ͊ͤ͊͡Σ 
͔͙ͫ͡ ͯ ͔͖ͤ ͔ͫͭΈ ζ˨˹η˴Υ

Å˨͊ͤͦ
Å˹͚͙͊ͭ
Å˴͙͔͙͚ͪͭͪ
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ͦ͋ͯ;͊Ό΅͙͔ 
ͦ͋Ά͔ͭ͟·

(train)

͍ͤͦ·͚ ͦ͋Ά͔ͭ͟
(test)

͙͙͍͔ͨͪͤ͊ͦͭͭ͘͟·



1. Deception Detection (͍·Ύ͍͔͙͔ͤ͡ ͦ͋ͣ͊ͤ͊ύ

Åˮ ͙ͫͭͦͪΎΥ͔͔͋ͦ͡ рл ͔ͭ͡ ͙͔͍͙͚ͫͫ͒ͦ͊ͤ͡ ͍ ͙ͨͫͻ͎͙͙ͦͦ͡ ͙ ͙͙͎͙͙ͪͣͤͦͦ͟͡  

Å˭ ͊͒͊;͙͊͊ͫͫ͟͡ͺ͙͊͟ͼ͙͙ ͔ͭͫͭ͊͟ ͤ͊ ͍͒͊ ͊ͫͫ͊͟͡Υ ͦ͋ͣ͊ͤ κ ͔ͤ ͦ͋ͣ͊ͤ

Å˻ ͋ͯ;͊Ό΅͙͔ ͍·͙͋ͦͪ͟Υ
Å˴ ͙͔ͦͤͭͪͦͪͯͣ͡·͚ Ή͔͙͔ͫͨͪͣͤͭ͟Υ ͡Ό͙͒ ͍ͪͯͭ κ ͔ͤ ͍ͪͯͭ ͤ͊ ͊͒͊ͤͤͯ͘Ό ͔ͭͣͯ 
Å˸ ͔͙͊ͭͪ͊͡· ͔ͫͯ͒͋ͤ·ͻ ͔͙͚͊ͫ͒͊ͤ͘ ό͔͒͊ͭ͊ͫͭDECOUR)
Å˻ ͭ͘·͍· ͤ͊ ͍ͭͦ͊ͪ·κ͎͙ͯͫͯ͡Σ ͍͔ͨͪͦͪΎ͔ͣ·͔ ͫ ͨͦͣͦ΅ΈΌ ͙͎ͪ͊ͯ͒ͫͦͪͫͤ͊͟

Å˽ ͙͙ͪͤ͊͘͟ς͡ ͙͎͍͙͙ͤͫͭ;͔͙͔ͫ͟ ͔ͣ͊ͪͪ͟· όLinguistic-Based Cues, LBC)

Å˴ ͙͔͙͙ͪͭͪΥ Accuracy ͙ ͙͡ F-͔ͣͪ͊ тлς92%͍ ͍͙͙͙͊ͫͣͦͫͭ͘ ͦͭ ͊͒͊͘;͙

Å˹ ͊ ͔ͤ͋ͦ͡Έ΄͙ͻ ͔͒͊ͭ͊ͫͭ͊ͻ͙͊ͫͫ͟͡;͔͙͚ͫ͟ ML ͡ ͯ;΄͔ ͙ ͨͪͦ΅͔ DL

Å˽ ͔ͪͦ͋ͣ͊͡ ͔͔ͨͪͤͦͫ͊ ͔͔͚ͣͦ͒͡ ͤ͊ ͎͙͔͒ͪͯ ͔͒͊ͭ͊ͫͭ·
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͙́ͨ· ͙͎͍͙͙ͤͫͭ͡;͔͙ͫ͟ͻ ͔͍ͣ͊ͪͪͦ͟

˸͙͊ͤͨͯ͡Ύ͙͍ͭͤ·͔ ͙ ͎͎͔͙͍ͫͯͫͭͤ·͔ ͙͖ͨͪͣ·
Åͣ ͎͍͙͔ͤͦͦͫͦ͡Υ ͔ͨͦͤ͊ͣ͘͡·Σ ͙͡΄͙͔ͤ ͍ͫͦ͊͡Σ ͍͎͙͙ͭ͊ͭͦͦ͡Σ ͪ͊ͫ΅͔͔͙ͨͤ͡Ύ ͔͎ͫ͊ͯͣͦͦ͘͟
Å͙ ͋͘·ͭͦ;ͤ·͔ ͍ͨͦͭͦͪ· ͍ͫͦ͡ ͙ ͺͪ͊͘
Åͨ ͍ͦ·΄͔ͤͤ͊Ύ ͎͙͙͍ͦͤͭͤ͊͟Ύ ͫͦ͗ͤͦͫͭ͡Έ ͔ͭͫͭ͊͟Σ ͔͔͎͔ͨͪͪͯ͗ͤͤ·͔ ͙͙ͫͤͭ͊ͫ͟;͔͙͔ͫ͟ ͦͤͫͭͪͯ͟͟ͼ͙͙ 
Åͨ ͍ͦ·΄͔ͤͤ͊Ύ Ή͔͙͍ͫͨͪͫͫͤͦͫͭ͟ΈΣ ͔͙͔ͨͪͦ͋͊͒͊ͤ͡ ͔͎͙͍͚ͤ͊ͭͤͦ ͭͦͤ͊͡Έ͙ͤͦͫͭ
Å͟ ͔͎͙͊ͭͦͪ;ͤͦͫͭΈΣ ͙ͨͫͻ͎͙ͦͦ͡;͔͔ͫͦ͟ ͍͔͙͔͒͊ͤ͡

̂ͻͦ͒ ͦͭ ͙͡;͚ͤͦ ͍͔͍͔͙ͦͭͭͫͭͤͤͦͫͭ  
Å͋ ͔͙͘͡;ͤ·͔ ͎͎͊ͦ͡͡·Σ ͎͎͊ͦ͡͡· ͚͊͋ͫͭͪ͊ͭͤͦ͟ ͔͙͙ͫͣ͊ͤͭ͟Σ ͣͦ͒͊͡Έͤ·͔ ͎͎͊ͦ͡͡·Σ ͦ͋Ά͔͙͍ͭ͊͟ͼ͙Ύ
Åͤ ͔͔ͦͤͪͭͤͦͫͭ͟͟ΈΣ ͯͦͤ͟͡;͙͍ͦͫͭΈΣ ͔͙͋͘͡;ͤͦͫͭΈΣ ͔͔͔͖ͤͦͨͪ͒ͤͤͦͫͭ͡Έ ͍·ͫ͊͘͟·͍͙͚͊ͤ

˽ͦ͒͊;͊ ͙ͤͺͦͪͣ͊ͼ͙͙
Åͦ ͍ͭͦͪ͊ͤͤͦͫͭΈ ͦͭ ͔ͦͤͭͫͭ͊͟͟Υ ͙͔ͨͦͤ͗ͤͤ͊Ύ ͔͙͒ͭ͊͊͘͡ͼ͙Ύ ͔ͣͫͭ͊Σ ͍͔͔͙ͪͣͤΣ ͫͦ͋·͙͚ͭ
Åͯ ͨͪͦ΅͔͙͔ͤΣ ͙͔͔ͨͦͤ͗ͤͤͦ ͔͙ͫ͟͡;͔͔ͫͦ͟ ͙͔ͪ͊ͤͦͦ͋ͪ͊͘͘Σ ͔͙ͫ͟͡;͔ͫ͊͟Ύ ͔ͤ͒ͦͫͭ͊ͭͦ;ͤͦͫͭΈ
Å͘ ͊ͣ͊͡;͙͍͙͔͊ͤ ͺ͍͊ͭͦ͟Σ ͫͦͦ͋΅͔͙͔ͤ ͦ͗ͤ͡·ͻ ͍͔͔͙͚ͫ͒ͤ όfact-checkingΣ ͫͣΦ ͔͔͒͊͡)
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2. Automated Fact-Checkingό͍͔ͨͪͦͪ͊͟ ͺ͍͊ͭͦ͟ύ

Åˮ ͙ͫͭͦͪΎΥͪͯ;͚ͤͦ fact-checking ͒ ͍͊ͤͦ ͙ͫͨͦ͡Έ͔ͯͭͫ͘Ύ ͍ ͙͙͔͗ͯͪͤ͊ͫͭ͟͡  

Å˭ ͊͒͊;͙͊͊ͫͫ͟͡ͺ͙͊͟ͼ͙͙ ͔ͭͫͭ͊͟ ͼ͔͙ͦͣ͟͡Σ ͨͦ ͨͦͪΎ͍͚͒ͦͦ͟ ΄͔͊͟͡Υ 
True,   Mostly True,   Half True,   Mostly False,   False

Å˻ ͋ͯ;͊Ό΅͙͔ ͍·͙͋ͦͪ͟Υ
Å˽ ͊ͭ͡ͺͦͪͣ· ͒͡Ύ ͍͔͙ͨͪͦͪ͟ ͺ͍͊ͭͦ͟: Politifact, FullFact, FactCheck͙  ͒ͪΦ   

Å˿ ͔͍͍͙ͦͪͤͦ͊ͤΎΥ CLEF-2018,19,20,21, FEVER, SemEval(Rumour-Eval)

Å˨ ͔͊ͭ͊ͫͭ·: NELA-GT-2018,19,  FakeNewsNet, Snopes ͙  ͒ͪΦ 

Åʕ ͎͔ͫͨͦͣͦ͊ͭ͡Έͤ͊Ύ ͊͒͊͘;͊Υ͙ͫͭͦͭ ͙͡ ͍ͦͭͨͪ͊͡ΎͭΈ ͔ͭͫͭ͟ ͤ͊ ͍͔ͨͪͦͪͯ͟Κ
͙́ͪ ͊ͫͫ͊͟͡ΥNon-Factual Sentence,  Unimportant,  Check-Worthy
(͙͔ͨͪͣͪΥ ClaimBuster, https://idir.uta.edu/claimbuster, 2015)
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3. Stance Detectionό͍·Ύ͍͔͙͔ͤ͡ ͙ͨͦ͘ͼ͙͙ύ

Åˮ ͙ͫͭͦͪΎΥ͊͒͊͘;͊ textual entailmentό͔͍͎ͭͫͭͦͦͦ͟ ͔͍͙ͫ͒ͦ͊ͤ͡Ύύ ς
͙͊ͫͫ͟͡ͺ͙͊͟ͼ͙Ύ ͨ͊ͪ ͔͍ͭͫͭͦ͟ ζ͔ͭͫͭ͟t ᵼ͎͙͔ͨͦͭ͊͘ hη ͤ͊ ͙ͭͪ ͊ͫͫ͊͟͡Υ 
ζh͔͔ͫ͒ͯͭ͡ ͙͘ tη, ζh͙͍͔ͨͪͦͭͦͪ;͙ͭ tη, ζh͔ͤ ͙ͦͭͤͦͫͭͫΎ ͟ tη

Å˭ ͊͒͊;͊: ͟ ͙͊ͫͫ͡ͺ͙͊͟ͼ͙Ύ ͔ͭͫͭ͊͟ h͙͔ͦͭͤͦͫͭ͡Έͤͦ ͊ͨͪͦͫ͊͘ όclaim) t: 
agree,  disagree,  discusses (͙ͨͦ͘ͼ͙Ύ ͔ͤ ͍·ͫ͊͊ͤ͊͘͟), unrelated

Å˻ ͋ͯ;͊Ό΅͙͔ ͍·͙͋ͦͪ͟Υ
ÅSNLI: 570K ͨ͊ͪ ͔͔͙͚ͨͪ͒ͦ͗ͤ͡Υ entail, contradict, independent

Å˨ ͔͊ͭ͊ͫͭ·: Emergent, SemEval-2016 6A(stance), FakeNewsChellengeFNC-1

Å˴ ͙͔͙͙ͪͭͪΥ F1-͔ͣͪ͊ ͒ͦ ф7%ͤ͊ ͍ͤͦͦͫͭΎͻΤ  Accuracy͒ сͦу҈ ͤ͊ Twitter

20



4. Controversy / 5. Polarization Detection

˨͍͔ ͔ͫͨͼ͙͊͡Έͤ·͔ ͍͙͙ͪ͊ͤͦ͒ͤͦͫͭ͘ ͊͒͊͘;͙ Stance Detection

ÅControversyDetection ό͍·Ύ͍͔͙͔ͤ͡ ͔͙͙ͨͦͣ͟͡Σ ͎͙͚ͪ͊ͤͦ͊ͫ͘͡ύΥ
Å͟ ͔͙͊ͫͭͪ͊͘͡ͼ͙Ύ ͔͙͚ͣͤͤ ͔͋͘ ͯ;͙͔ͭ͡Ύ
Å͍ ·͔͔͙͔͒ͤ͡ ͫͦͦ͋΅͔͍ͫͭ ͙͍ͫͭͦͪͦͤͤͦ͟ ͎͊͗͒ͦͦ͟ ͔͙ͣͤͤΎ ͍ ͫͦͼ͙͊͡Έ͚ͤͦ ͔͙ͫͭ
Å͟ ͙ͦ͡;͔͍͔͔ͫͭͤͤͦ ͦͼ͔͙͍͙͔ͤ͊ͤ ͦ͋Ά͖ͣ͊ ͙ ͙͙͙͒ͤ͊ͣ͟ ͫͦͦ͋΅͔͍ͫͭ

ÅPolarizationDetection ό͍·Ύ͍͔͙͔ͤ͡ ͨͦ͡Ύ͙͍͙ͪͦ͊ͤͤͦͫͭͦ͋͘΅͔͍ͫͭ͊ύΥ
Å͍ ·Ύ͍͔͙͔ͤ͡ ͎͙͚ͪ͊ͤͦ͊ͫ͘͡ ͨͦ ͍͙ͫͦͦͯͨͤͦͫͭ͟ ͍͊ͨͪͦͫͦ͘ ͙͙͡ ͔ͭͣ

Å˻ ͋ͯ;͊Ό΅͙͔ ͍·͙͋ͦͪ͟Υ
Å˨ ͔͊ͭ͊ͫͭ·ͫͦͼ͙͊͡Έͤ·ͻ ͔͔͚ͫͭΣ ͦ͋·;ͤͦ Twitter
Åʕ ͙͙͔͙ͨ͒͟Ύ

Å˴ ͙͔͙͙ͪͭͪΥ   Accuracy 73ςуо҈ όͤ͊ ˤ͙͙͔͙͙ͨ͒͟Σ ͔ͣͭͦ͒ͦͣ kNN)
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6. Clickbait Detection (͔͙͔ͦ͋ͤ͊ͪͯ͗ͤ ͙͔͚͋ͭ͊͟͟͡)

Åˮ ͙ͫͭͦͪΎΥ͊͒͊͘;͊ ͨͦΎ͍͙͊ͫ͡Έ ͍ нлмс ͎ͦ͒ͯΦ ˻͔͙͔͋ͤ͊ͪͯ͗ͤ ͎͍͍͊ͦͦͦ͘͟͡ 
͙͙͡ ͫͫ·ͦ͟͡-͙ͨͪͣ͊ͤͦ͟Σ ͔ͤ ͍͔͍ͫͦͦͭͭͫͭͯΌ΅͙ͻ ͙ͫͯͭ ͔ͦͤͭͤͭ͊͟

Å˭ ͊͒͊;͊: ͟ ͙͊ͫͫ͡ͺ͙͊͟ͼ͙Ύ ͨ͊ͪ· ζ͎͍͊ͦͦͦ͘͟͡Σ ͔ͭͫͭ͟η ͤ͊ ͍͒͊ ͊ͫͫ͊͟͡
˭͊͒͊;͊ ͎͙͊ͤ͊ͦ͡;ͤ͊ Textual Entailment͙  Stance Detection

Å˽ ͙͙ͪͤ͊͘͟Υ͎͙͔͙ͨͪ͋ͦ͊͘͡ͼ͙ΎΣ ͙͍͔ͨͪͦͭͦͪ;͙ΎΣ web-ͭͪ͊ͺ͙͟ 

Å˻ ͋ͯ;͊Ό΅͙͔ ͍·͙͋ͦͪ͟Υ
Å˨ ͔͊ͭ͊ͫͭ·: Webis-Clickbait 2017 όон˴ ͎͍͍͊ͦͦͦ͘͟͡ύ ͙ ͒ͪΦ

Å˿ ͔͍͍͙͔ͦͪͤͦ͊ͤΥ Clickbait challenge 2017

Å˴ ͙͔͙͙ͪͭͪΥ   F1-͔ͣͪ͊ ͒ͦ 68%;   Accuracy͒ 8ͦ6%
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7. Credibility Scores (˻ͼ͔͙͍͙͔ͤ͊ͤ ͖͙ͤ͊͒͗ͤͦͫͭύ

Åˮ ͙ͫͭͦͪΎΥͫͭ͊ͪ͊Ύ ͊͒͊͘;͊ ͍ ͫͦͼ͙͎͙͙ͦͦ͡Σ ͙ͨͫͻ͎͙͙ͦͦ͡Σ ͔͙͎͔ͣ͊ͪͭͤ͟

Å˭ ͊͒͊;͊: ͦ ͼ͔͙ͤͭΈ ͍͔ͯͪͦͤΈ ͍͔͙͒ͦͪΎ όcredibility, trustworthiness) ͒ ͡Ύ 
͙ͫͭͦ;͙ͤ͊͟ ό˿˸ˮΣ ͎͔͋ͦͪ͊͡Σ ͨͦ͡Έ͍͔ͦ͊ͭ͘͡Ύύ ͙͙͡ ͔ͦͭ͒͡Έ͚ͤͦ ͍͙ͤͦͦͫͭ

Å˽ ͙͙ͪͤ͊͘͟Υ
Åͪ ͔͙͔͊ͫͨͪͦͫͭͪ͊ͤͤ ͔͖͎ͤͤ͊͒͗ͤͦͦ ͔ͦͤͭͤͭ͊͟ όspam, deception, fake ͙ ͒ͪΦύ
Å͍ ͔ͪͦΎͭͤͦͫͭΈ ͋·ͭΈ ͋ͦͭͦͣ όͨͦ ͙͒ͫͨͪͦͨͦͪͼ͙͙ ͪ͊ͫͫ·ͦ͟͡ ͙ ͊͟;͔͍ͫͭͯ ͔ͦͤͭͤͭ͊͟ύ 
Åͫ ͙ͭ͡Έ ͔ͦͤͭͤͭ͊͟Σ ͎͔ͦͦ͊͟͡ͼ͙Ύ ͙ ͍͔ͦ͋ͪ͊ͦ͊ͭ͘͡Έͤ·͚ ͍͔ͯͪͦͤΈ ;͙͔͔͚ͭ͊ͭ͡  

Å˻ ͋ͯ;͊Ό΅͙͔ ͍·͙͋ͦͪ͟Υ
Åͣ ͎ͤͦͦ ͔͍͙ͤͫͦͨͦͫͭ͊ͣ·ͻ ͔͍͒͊ͭ͊ͫͭͦΣ ͍͔ͦͭͫͯͭͫͭͯͭ ζ͚ͦͦͭͦ͘͡ ͫͭ͊ͤ͒͊ͪͭη

Å˴ ͙͔͙͙ͪͭͪΥAUC ͒ ͦ уф҈Τ   accuracy͒ 8ͦ1%;   MSE ͒ ͦ лΦоо
Åͣ ͎ͤͦͦ ͙͔͙͔͍ͪͭͪ͟Σ ͔ͤ ͻ͍͔͊ͭ͊ͭ ͔͎͙ͣͭͦ͒ͦͦ͡;͔͎ͫͦͦ͟ ͔͙͍͒ͤͫͭ͊
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˽͙͔ͪͣͪΦ ˽ͦ͡Ύ͙ͪ͊͘ͼ͙Ύ ͔͙͚ͣͤͤ ͦ ͫͦ͋·͙͙ͭ 

Å˿ ͍ͦ͊͡ ζ˽ͦͪͦ΄͔ͤͦ͟ηΣ ζ˾͙ͦͫͫΎηΣ ζ͙̂ͪ͊ͤ͊͟η ͍͔ͫͭͪ;͊ΌͭͫΎ ͙͍ͦ͒ͤ͊ͦͦ͟ ;͊ͫͭͦ

Åζ˽ͦͪͦ΄͔ͤͦ͟η τͫͯ͋Ά͔ͭ͟ ͍ ͔͍ͨͪͦͣ ͔͔ͭͫͭ͟ ͙ ͦ͋Ά͔ͭ͟ ͍ͦ ͍ͭͦͪͦͣ

Åζ˾͙ͦͫͫΎη τ͎͔͍͊ͤͫ ͔͍ͨͪͦͣ ͔͔ͭͫͭ͟ ͙ ͦ͊͟͡ͼ͙Ύ ͍ͦ ͍ͭͦͪͦͣ

Å˹ ͔͎͙͍͊ͭͤ͊Ύ ͭͦͤ͊͡ΈͤͦͫͭΈΥ ζ˾͙ͦͫͫΎηΣ ζ˴͔ͪͣ͡Έη ͍ м-ͦͣΣ ζ˴͙͔͍ηΣ ζ͙̂ͪ͊ͤ͊͟η ͍ͦ н-ͦͣ
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˽͙͔ͪͣͪΦ ˽ͦ͡Ύ͙ͪ͊͘ͼ͙Ύ ͔͙͚ͣͤͤ ͦ ͫͦ͋·͙͙ͭ 

Å˸ ͔͙͔ͤͤ ͺ͙͔ͦͪͣ͊ͯͭͫ͘͡Ύ ͊͟͟ ͚ͯͫͭͦ;͙͍͔ͦ ͫͦ;͔͙͔ͭ͊ͤ ͍ͫͦ͡Σ ͔͙͍ͭͪͣͤͦΣ ͦ͋Ά͔͍ͭͦ͟ ͙ 
ͫͯ͋Ά͔͍ͭͦ͟Σ ͙ͻ ͔͙ͫͣ͊ͤͭ;͔͙ͫ͟ͻ ͔͚ͪͦ͡ ͨͦ ͙͙̅ͣͦͪͯ͡͡ ͙ͻ ͭͦͤ͊͡Έͤ·ͻ ͦͪ͊ͫͦ͟͟

Åʕ ͔ͫ ͙ͦͤ ͙ͫͨͦ͡Έͯ͘ΌͭͫΎ ͍ ͔͙ͭͣ͊ͭ;͔͚ͫͦ͟ ͔͙ͣͦ͒͡ ͊͟͟ ͔ͦͭ͒͡Έͤ·͔ ͣͦ͒͊͡Έ͙ͤͦͫͭ

Feldman D. G., SadekovaT. R., Vorontsov K. V. Combining Facts, Semantic Roles and Sentiment Lexicon in A 
Generative Model for Opinion Mining. Computational Linguistics and Intellectual Technologies. Dialogue 2020. 
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˨͔͙ͭ͊͊͘͡ͼ͙Ύ ͙͖͍ͨͪͣͦ ͙͙͍͙ͣ͊ͤͨͯͪͦ͊ͤ͡Ύ

¶͔ͦ͋ͫͼ͔͙͍͙͔ͤ͊ͤΣ ͙͎ͭͪͦͤ͡͡Σ ͎͚͙͎͊͊ͭͤ͘͡, ͋ ͙͎ͯͤ͡͡Σ ͙ͦͫͭͪ͊ͣ͘͟
¶͎͙͔͙ͨͪ͋ͦ͊͘͡ͼ͙Ύ
¶Ή͍ͺ͔͙ͣͣ͘Σ ͔͚͙ͤͭͪ͊͊͘͡ͼ͙ΎΣ ͫͣΎ͎;͔͙͔ͤΣ ͔͊ͣͤ͊͘ Ύ͘·͍ͦ͟·ͻ ͭ͊͋ͯ
¶͙͒ͫͺ͔͙ͣͣ͘Σ ͙͙͔ͨͪ͒͊ͤ ͔͎͙͍͚ͤ͊ͭͤͦ ͫͣ·͍͚ͫͦͦ͡ ͎͙ͤ͊ͪͯ͘͟
¶͔ͣͭ͊ͺ͙ͦͪ͊͘ͼ͙Ύ
¶͍͔ͦͭ͡;͔͙͔ͤ ͍͙͙ͤͣ͊ͤΎ
¶͊ͣ͊͘͡;͙͍͙͔͊ͤ
¶͍͙͔ͦͭͫͯͭͫͭ ͫͫ·ͦ͟͡ ͤ͊ ͙ͫͭͦ;͙͙ͤ͟
¶ͦͭͣ·͍͙͔͊ͤ ͎ͨͪͦͨ͊͊ͤ͒· όͦ͋ͪ͊΅͔͙͔ͤ ͟ ͔͔͔ͣͤ ͖ͤ͊͒͗ͤͦͣͯ ͙ͫͭͦ;͙ͤͯ͟ύ 
¶͙͔ͫͦ͒͊ͤ͘ ͦ͋ͪ͊͊͘ ͍͎ͪ͊͊
¶͙͔͙͒ͫͪ͒ͭ͊͟ͼ͙Ύͼ͔͔͚ͤͤͦͫͭ
¶͎͙͍͙͔͊ͨͯ͊ͤ͘Σ ͔ͪ;Έ ͔͍͙͙ͤͤ͊ͫͭ
¶Χ 26



˨͔͙ͭ͊͊͘͡ͼ͙Ύ ͙͖͍ͨͪͣͦ ͙͙͍͙ͣ͊ͤͨͯͪͦ͊ͤ͡Ύ
ό͔͎͎͙͒ͣ͊ͦ;͔͙͔ͫ͟ ͙͖ͨͪͣ·Σ ͎͙ͦ͡;͔͙͔ͫ͟ ͍͙ͯͦ͟͡Σ Ήͫͨͯ͊ͭ͊͟͡ͼ͙Ύ ͎͙͙͍ͦͤͭͤ͟·ͻ ͙͔͙͚ͫ͊͗ͤ͟ύ

¶͔͔ͨͪͻͦ͒ ͤ͊ ͙͡;͙ͤͦͫͭ όad hominem) 
¶͔͍͔͋ͦͫͤͦ͊ͭ͘͡Έͤ·͔ ͔͙ͦͫͦͪ͋ͤ͟͡Ύ
¶͔͔ͨͪͤͦͫ ͙͙͙ͪͭ͟͟Σ ζ͍͔͔͙͔ͫ͒ͤ ͟ ˥͙͔ͭͪͯ͡η
¶͎͔͊ͪͯͣͤͭ͊ͼ͙Ύ ͟ ͔͙ͣͤͤΌ ͋ͦ͡Έ΄͙͍ͤͫͭ͊ ό͊ǊƎǳƳŜƴǘǳƳadpopulum)
¶͔ͨͦ͒ͣͤ͊ ͔͙ͭͫ͊͘ όignoratioelenchiΣ ζ͔͔ͫͦͦͣͤͤͦ͡ ;ͯ;͔ͦ͡ηΣ straw man)
¶͔͍ͨͪ͒͘Ύͭ͊Ύ ͙͔͔ͤͭͪͨͪͭ͊ͼ͙Ύ
¶ͦͤ͟ͼ͔ͤͭͪ͊ͼ͙Ύ ͤ͊ ;͊ͫͭͤͦͫͭΎͻ 
¶͔͊ͨ͡͡Ύͼ͙Ύ ͟ ͦ;͔͍͙͙͒ͤͦͫͭΣ ͦ͗ͤ͊͡Ύ ͍͙͔͊ͭͦͪͭͭͤͦͫͭΈ
¶ͦ͗ͤ͊͡Ύ ͎ͦͪ͒ͦͫͭΈ ͫͯ͡΄͔͊ͭ͡Ύ όζ͍͔ͫͣ ͙͍͔ͫͭͤͦ͘ηΣ ζ͍͒͊ͤͦ ͒ͦ͊͊ͤͦ͘͟ηύ
¶͎͔͊ͪͯͣͤͭ ͟ ͔͙ͤͤ͊ͤ͘ΌΣ ͔͍͔͖͙ͤͦͫ͒ͦͣͤͤͦͫͭ͡ όargumentum ad ignorantiam)
¶ͦ͗ͤ͊͡Ύ ͔͙ͨͪͫͯͨͨͦ͘ͼ͙Ύ
¶ͦ͗ͤ͊͡Ύ ͊͡Έ͔͙͍ͭͪͤ͊ͭ͊Σͦ͗ͤ͊͡Ύ ͙͔͒ͣͣ͊͡
¶Χ 27



˾͔͊ͣͭ͊͘͟ ͔͍ͭͫͭͦ͟·ͻ ͒͊ͤͤ·ͻ ͊͟͟ ͫͨͦͫͦ͋ 
ͺ͙ͦͪͣ͊͊͘͡ͼ͙͙ ͎͙ͯͣ͊ͤͭ͊ͪͤ·ͻ ͙͚ͤ͊ͤ͘
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