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P
... Mpe3npgeHT MeTp MopoLlueHko 3a8Bun, l—lTOlPDCCMH lqe-q)aKT 0H$UCKOBaANDYKPaANHCKME NPEANPUATUSI, KOTOPbIEe
HaxoAATCA Ha HenoakoHTponsHon Knesy Tepputopun. CerogHa IHP v JIHP "HauynoHannsnpoBanu" ykpanHckmne
npeanpuaTUA ... Mpur aToM erm‘ﬁﬁﬁ.ﬁm oHpuckaunnpegnpuaTii B 1AHP ... YKkpanHa notpebyeT paclumputb

CaHKUMMK .Mgmﬂcmm 0bsA3aTeNbHO HaCTYNUT HakasaHue. YKpanHa notpebyeT paclunpeHns CaHKUWi Ha Tex,
KT‘ KpanHckue npeanpuatus ... (Kiev opinion)

_—

... Mo cnoeam 3axapueHko, Knes BCTpeTuT cBoi @ oHel"... KneB BO3bMeTCH 33 YM, 1 B LieNsX CrnaceHus
CO6CTBEHHOW NPOMBbILLIEHHOCTU CHUMeT biokagy ... O6cTaHOBKa, KOTOPYH UCKYCCTBEHHO co34ana praMHaﬂc 6nokagon
AoHbacca, BblHyAWNa ...Boﬁ Hapo4 ... e B Knese 6b111 NPUHATLI Kakoe-M60o NocTaHoB/eHME ...
nonoXuTenbHele pe3ynbTaThl, Kak B pecnybnuvkax, Tak u B... Ecnn vM ygacTca cMecTuTh [TopoLLeHKo|M Npyv 3TOM
He pa3BanuTb|YKpawnHy, TO BCe BEPHETCA Ha CBOW MecTa ... (Moscow opinion)
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Sentences Dependency trees Modalities

SPO extraction > Subjects Modalities | Pr | Rec | F1 Modalities | Pr | Rec | F1
\ TF-IDF 0.51 | 0.95 | 0.67 TF-IDF 057 | 0.97 | 0.72
— P — Objects SPO 0.59 0.7 0.64 SPO 0.56 | 0.99 | 0.72
- > > > extraction \ — FR 0.86 | 0.49 | 0.65 FR 0.67 | 0.97 | 0.79
e roles Sent 0.69 | 0.57 | 0.66 Sent 0.56 | 0.55 | 0.55
News collection p—— — SPO+FR 0.86 | 0.68 | 0.76 SPO+FR 0.72 | 0.99 | 0.83
analysis > vorde SPO+Sent | 0.83 | 0.78 | 0.81 SPO+Sent | 0.57 | 0.99 | 0.72
\ FR+Sent 0.9 0.52 | 0.67 FR+Sent 0.73 | 0.97 | 0.83
Negative
_J wir;s All 0.77 | 0.97 | 0.86 All 0.77 | 0.94 | 0.85
P g P s LPR Busi Paris Tl
usiness aris lrump
Sentiment lexicon Enriched sentiment
lexicon
A e e oha=™* " "x t m "y ~ X mt o - 0 m
$ * < v * < —_— —_— © U <
m x = t o m a ™ e t7a*o hmx ohe 0 7T 'Fe CAO O
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Feldman D. GSadekovd. R., Vorontsov K. ¥Yombining Facts, Semantic Roles and Sentiment Lexicon in A
Generative Model for Opinion Minin@omputational Linguistics and Intellectual Technologies. Dialogue 2020.
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