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(An immense and ever-increasing wealth of knowledge is scattered about the world
today; knowledge that would probably suffice to solve all the mighty difficulties of our
age, but it is dispersed and unorganized. We need a sort of mental clearing house

for the mind: a depot where knowledge and ideas are received, sorted,
summarized, digested, clarified and compared i Herbert Wells, 1940)

] gt o0dqby o9qgc¢clRML-NEPEY ¥ 30ayys dgeY¥Ysec Yoo




bgy
h o

g3
e Yandex eait=e
YEdosqddeFy fbBEDYYy:

AY)oai 390g DbEeEcaYJIEsa ’
AbPFEeFecaVYid¥xoédg EDPFEaYs Ydod FEf
AEZbEaYr Yidqexoédg cobYDESsG
AcobYoExos0o0¢g 6qdqdqEIEsc




Machine
Intelligen e

s{1vArVARC dlh

— S O S gy,

Exploratory Search

s PRy Ve Y
7
Lookup Learn Investi gate
N

\

S~ -~ J— -
Fact retrieval Knowledge acquisition Acc ret*ion
Known item search Comprehension/Interpretation Analys.ls .
Navigation Comparison Exclusion/Negation
Transaction Aggregation/Integration Synthesis
Verification Socialize Evaluation
Discovery

Question answering
Planning/Forecasting

Transformation

Gary Marchionini. Exploratory Search: from finding to understanding. 2006.
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# Characteristics Diefinition (non exhaustive
lizt)

A n evo I VI n g S ear C h p ro C eS S The user adopts an oppartunistic behavior, and will change or specify the objective or .

An evolving search goals of search or even the strategies used to achieve them through mmltiple quenes

process reformulation or refinement. During the search, the user can accomplizh forward or | 24]
N N backward steps.

Several one-off pinpoint searches T i

[ N Several one-off she’s looking for a specified information to better understand a result or the reason [10,22, 23]
= pinpoint searches | why it was proposed. These pinpoint searches can be related to the exploratory search T
N N N tazk or not. This 15 closely related to zenzemaking activities.

An evolving information need T

. An evolving slements or reslts dizcovarsd may change her isformation nesd and the way zhe frst | 1) )

3 information need considered the framework of the search. This evolution of the information need may
appear severzl times in one search session. It 15 closely related to characteristic n°1.

M u I t I p I e tar g ets / g O a.l S Of S ear C h Multiple targats/ | 10 Vet may not have one single precise goal, but ralher one vague objective snd [ 11,12.15,22,

0als of search several smaller goals which may change or evolve duning the exploratory search task
gost 50 as to achieve it.

H H _ Multiple possible | As the wser has one vague objective and several smaller goals to achieve it (see 1
ultiple possible answers | | s T o e o e e b sttt | . 11 12, 20 :
— relevant information which will help her go further in her reflection and exploratory 23'] T .
6 Not anexpected | joarch process. p
exact answer 4
Not an expected exact answer O e T
" A serendipitous by adopting a serendipitous attitude; with such open mmmdedness, she can allow herself [10,20,22]
7 attitude to be surprised by one unexpected element She then exploits this discovery by b <, &

changing the search strategy or search goal'objective, ete.

A serendipitous attitude oo ol | o e meversnd b npiorory e She o o o el e
(she considers she has enough information to perform another task for example; she | [10, 12, 15, 22—

search activity

0N U~ WNPR

8 which can oeeur doesn’t have time to camry on the search; efc ). and she will continue the search fow | 24]
- - over time hours/days/weeks/months vears later.
An open-ended search activity Rl
[
State of Knowledes At the beginming, the nser has an ASEK and a general context of search: she knows the

(ASK) ‘“:1“ il otivation to start the search, but does not have a pracize idea of what he is actually
2 structured (vague, looking for (type of results, kind of information). She only has a lack of knowledge, a

9. An anomalous state of knowledge ST | e e e

zoals

[11,15,22-24]

Dunng the exploratory search, the user selects one or mmltiple filters or facets, to

explore the information space. She will try to find an approach to her problem, she .
1 O . M u | t I f aC et e d S e ar C h 10 Multfzceted may find an angle of attack or a framework which may include these facets of the 211, 23-24]

explored subject.

The user starts the search with an infense feeling of uncertainty. The level of

. . .
1 1 U nce rt ain t IS f | u Ct u at N Uscermintyis | mmesstainty is infrinsically Lnked to the specification of the problem. The further the
. 11 fluctusting user goes m her search tasks (she will specify her objective and maybe define an | [11,23,24]
approximate plan), the more she reduces her uncertainty. But 1f somewhere along the
way she changes her objectives, the uncertainty will tend to merease again.

E.Palagi et al. A Survey of Definitions and Models of Exploratory Search. 2017.
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5. Multiple possible answers o
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6. Not an expected exact answer g ‘§
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7. A serendipitous attitude ‘
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3. An evolving information need B e
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11. Uncertainty is fluctuating S
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E.Palagi et al. A Survey of Definitions and Models of Exploratory Search. 2017.
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10. Multifaceted search oif’ | % A
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2. Several one-off pinpoint searches ;*5 ﬁ*{ €
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8. An open-ended search activity which can occur over time N
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